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Abstract

Since the time of Freud, the distinction between fear and anxiety has been a hallmark of influential models of emotion and emotional
illness, including the Diagnostic and Statistical Manual of Mental Disorders and Research Domain Criteria. Fear and anxiety disorders
are common, debilitating, and challenging to treat, underscoring the importance of developing accurate models of the underlying neu-
robiology. Although there is consensus that the extended amygdala (EA) plays a central role in orchestrating responses to threat, the
respective contributions of its two major subdivisions—the central nucleus of the amygdala (Ce) and bed nucleus of the stria terminalis
(BST)—remain contentious. To help adjudicate this debate, we performed a harmonized mega-analysis of fMRI data acquired from 295
adults as they completed a well-established threat-anticipation paradigm. Contrary to popular double-dissociation models, results
demonstrated that the Ce responds to temporally uncertain threat and the BST responds to certain threat. In direct comparisons, the
two regions showed statistically indistinguishable responses, with strong Bayesian evidence of regional equivalence. In contrast, fron-
tocortical regions responded preferentially to uncertain-threat anticipation. Together, these observations underscore the need to
reformulate conceptual models that posit a strict segregation of temporally certain and uncertain threat processing in the EA.

Keywords affective neuroscience, fear and anxiety, bed nucleus of the stria terminalis (BST/BNST), extended amygdala (EA), Research

Domain Criteria (RDoC)

Introduction or pervasive, fear and anxiety can become debilitating (Salomon et al.

2015). Anxiety disorders are a leading cause of human misery, mor-

Since the time of Freud, the distinction between fear and anxiety has bidity, and premature mortality (GBD2021 2024). Existing treatments

been a hallmark of influential models of emotion and emotional ill- are far from curative for many, underscoring the need to develop a

ness, including the DSM and Research Domain Criteria (RDoC) (Freud more complete and accurate understanding of the underlying neuro-

et al. 1959, NIMH 2011, Grupe and Nitschke 2013, Tovote et al. 2015, biology (Singewald et al. 2023, Cuijpers et al. 2024, De Crescenzo
LeDoux and Pine 2016, APA 2022, Grogans et al. 2023). When extreme et al. 2024).
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There is widespread consensus that the extended amygdala (EA)—
a macrocircuit encompassing the central nucleus of the amygdala
(Ce) and bed nucleus of the stria terminalis (BST)—plays a central
role in fear and anxiety-related states, traits, and disorders, but the
precise contributions of the Ce and BST remain contentious (Hur et al.
2020, Daniel-Watanabe and Fletcher 2022, Blanchard and Canteras
2024, Shackman et al. 2024). Building on an earlier generation of ro-
dent studies (Shackman and Fox 2016), RDoC and other double-
dissociation models organize fear and anxiety into two strictly segre-
gated neural systems [Figure S1 (see online supplementary material
for a color version of this figure) and Note 1]: the Acute Threat system
is centered on the amygdala (including the Ce), is sensitive to certain
(but not uncertain) threat, and promotes signs and symptoms of fear,
whereas the Potential Threat system is centered on the BST, is sensi-
tive to uncertain (but not certain) threat, and promotes anxiety
(NIMH 2011, Avery et al. 2016, LeDoux and Pine 2016). Yet a growing
body of rodent mechanistic data casts doubt on this strict either/or
perspective (Gungor and Paré 2016, Marcinkiewcz et al. 2016, Lange
et al. 2017, Lee et al. 2017, Ahrens et al. 2018, Pomrenze et al. 2019a,
2019b, Ressler et al. 2020, Bruzsik et al. 2021, Griessner et al. 2021,
Marvar et al. 2021, Chen et al. 2022, Holley and Fox 2022, Moscarello
and Penzo 2022, Ren et al. 2022, Zhu et al. 2024), motivating the com-
peting hypothesis that the Ce and BST play a role in organizing
responses to both kinds of threat (Gungor and Paré 2016, Fox and
Shackman 2019, Daniel-Watanabe and Fletcher 2022).

To help adjudicate this debate, we performed a harmonized mega-
analysis of fMRI data acquired from 295 racially diverse adults as
they completed the Maryland Threat Countdown (MTC), a well-
established threat-anticipation paradigm (Fig. 1) (Hur et al. 2020). The
MTC is an fMRI-optimized variant of temporally certain/uncertain-
threat assays that have been behaviorally and pharmacologically val-
idated in rodents and humans, maximizing translational relevance
(Hur et al. 2020). Data were acquired using a multiband sequence
and re-processed using a singular best-practices pipeline. The rela-
tively large sample afforded the power necessary to reliably detect
small differences in regional responses to certain- and uncertain-
threat anticipation (d > 0.16).

Because voxelwise analyses do not permit inferences about re-
gional differences, we used a priori anatomical regions of interest
(ROISs) to rigorously compare the Ce and BST. This has the advantage
of providing statistically unbiased effect-size estimates (Poldrack et al.
2017), in contrast to earlier work by our group that relied on func-
tionally defined ROIs (Hur et al. 2020). To maximize anatomical reso-
lution and inferential clarity, mean activation was computed using
spatially unsmoothed data. Hypothesis testing focused on regional
responses to certain- and uncertain-threat anticipation relative to
their perceptually similar reference conditions (e.g. certain-safety an-
ticipation), providing sharper inferences than prior work focused on
baseline contrasts (Grogans et al. 2024). Of course, traditional null-
hypothesis tests cannot address whether the Ce and BST show statisti-
cally equivalent responses to certain- and uncertain-threat anticipa-
tion. Here, we used a Bayesian framework to quantify the strength of
the evidence for and against regional differences. The Bayesian ap-
proach provides well-established benchmarks for interpreting effect
sizes and sidesteps the need to arbitrarily choose what constitutes a
“statistically indistinguishable” difference (Bo et al. 2024), unlike
work focused on frequentist equivalence tests (Shackman et al. 2024).
Whole-brain voxelwise analyses enabled us to explore less inten-
sively scrutinized regions.

Method
Overview of the mega-analysis

The neuroimaging mega-analysis capitalized on data from two previ-
ously published fMRI studies focused on the neural circuits recruited
by temporally certain- and uncertain-threat anticipation. The first
study encompassed a sample of 220 psychiatrically healthy, first-year
university students (Grogans et al. 2024). The second encompassed 75
tobacco smokers recruited from the surrounding community (Kim
et al. 2023). Both studies employed the same certain/uncertain threat-
anticipation paradigm (Maryland Threat Countdown task) and were
collected using identical parameters on the same scanner using the
same head-coil. For the mega-analysis, all neuroimaging data were
completely reprocessed using a singular best-practices pipeline, as
detailed below. This harmonized approach is increasingly common
and generally provides greater statistical power and generalizability,
relative to typical single-study approaches (Petre et al. 2022, Radua
et al. 2025), and greater anatomical resolution and statistical rigor, as
compared to coordinate-based meta-analytic approaches (Costafreda
2009, Salimi-Khorshidi et al. 2009). All participants provided in-
formed written consent. Procedures were approved by the University
of Maryland, College Park Institutional Review Board (protocols
#659385 and #824438).

Detailed descriptions of the study designs, enrollment criteria, par-
ticipants, data collection procedures, and data exclusions are pro-
vided in the original reports (Kim et al. 2023, Grogans et al. 2024). The
mega-analysis was not pre-registered.

Participants

Across studies, a racially diverse sample of 295 participants provided
usable neuroimaging data (Total: 45.4% female; 52.2% White Non-
Hispanic, 16.6% Asian, 19.0% African American, 4.1% Hispanic,
8.1% Multiracial/Other; M=21.6years, SD=5.7, range = 18-40 years;
University Students: 49.5% female; 61.4% White Non-Hispanic, 18.2%
Asian, 8.6% African American, 4.1% Hispanic, 7.3% Multiracial/
Other; M=18.8years; SD=0.4; Community Tobacco Smokers: 33.3%
female; 25.3% White Non-Hispanic, 12.0% Asian, 49.3% African
American, 4.0% Hispanic, 9.4% Multiracial/Other; M=30.1years;
SD=5.6). Of these, eight participants were excluded from skin con-
ductance analyses due to insufficient usable data (for additional
details regarding data censoring, see Grogans et al. 2024 and Kim
etal 2023).

Power analysis

To enable readers to better interpret in our results, we performed a
post hoc power analysis. G-power (version 3.1.9.2) indicated that the
final sample of 295 usable fMRI datasets provides 80% power to de-
tect “small” mean differences in regional activation (Cohen’s d=0.16,
a=0.05, two-tailed; Cohen 1988, Faul et al. 2007).

Threat-anticipation paradigm

As shown in Fig. 1, the Maryland Threat Countdown paradigm takes
the form of a 2 (Valence: Threat/Safety) x 2 (Temporal Certainty:
Uncertain/Certain) design. On Certain-Threat trials, participants saw
a descending stream of integers (“count-down”) for 18.75s. To ensure
robust emotion, the anticipation epoch culminated with the presenta-
tion of a noxious electric shock, unpleasant photograph, and
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Figure 1 Maryland threat countdown fMRI paradigm. The paradigm takes the form of a 2 (Valence: Threat, Safety) x 2 (Temporal Certainty: Certain,

Uncertain) randomized event-related design. Participants were completely informed about the task design and contingencies prior to scanning. On

certain-threat trials, participants saw a descending stream of integers (“countdown”) for 18.75s. To ensure robust distress and arousal, the

anticipation epoch always terminated with the presentation of a noxious electric shock, unpleasant photograph, and thematically related audio clip (e.

g. scream). Uncertain-threat trials were similar, but the integer stream was randomized and presented for an uncertain and variable duration (8.75-

30.00 s; M=18.75 s). Participants knew that something aversive was going to occur, but they had no way of knowing precisely when. Safety trials were
similar but terminated with the delivery of emotionally neutral reinforcers (e.g. just-perceptible electrical stimulation).

thematically related audio clip. Uncertain-Threat trials were similar,
but the integer stream was randomized and presented for an uncer-
tain and variable duration (8.75-30.00 s; M =18.75 s). Participants
knew that something aversive was going to occur but had no way of
knowing precisely when. The Maryland paradigm differs from
threat-anticipation tasks (e.g. NPU) that manipulate the probability
(or probability and timing) of encounters (Schmitz and Grillon 2012).
For additional details, see the Supplementary Material. Participants
were periodically prompted to rate the intensity of fear/anxiety expe-
rienced a few seconds earlier, during the anticipation period of the
prior trial, using a 1 (minimal) to 4 (maximal) scale. Skin conductance
was continuously acquired throughout (for details, see the
Supplementary Material).

MRI data acquisition

Data were acquired using a Siemens Magnetom TIM Trio 3 Tesla
scanner (32-channel head-coil; for additional details, see the
Supplementary Material). T1-weighted anatomical images were ac-
quired using a magnetization prepared rapid acquisition gradient
echo sequence (TR =2400ms; TE =2.01 ms; inversion time = 1060 ms;

flip=28°; slice thickness=0.8mm; in-plane=0.8 x 0.8 mm; matrix=
300 x 320; field-of-view =240 x 256). A T2-weighted image was col-
lected co-planar to the T1-weighted image (TR =3200 ms; TE = 564 ms;
flip angle =120°). A multi-band sequence was used to collect oblique-
axial echo-planar imaging (EPI) volumes (acceleration==6;
TR=1250ms; TE=39.4ms; flip=36.4°; slice thickness=2.2mm,
slices=60; in-plane =2.1875x 2.1875mm; matrix=96x 96; 3 x478-
volume scans). Co-planar oblique-axial spin echo (SE) images were col-
lected in opposing phase-encoding directions (rostral-to-caudal and
caudal-to-rostral; TR =7220ms; TE =73 ms). Respiration and pulse were
continuously acquired.

MRI pipeline

Methods are similar to other work and are only briefly summarized
here (Cornwell et al. 2025). For details, see the Supplementary
Material.

Anatomical data processing

T1- and T2-weighted images were inhomogeneity corrected,

denoised, and brain-extracted. Extracted T1 images were
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diffeomorphically normalized to a 1-mm T1-weighted MNI152 tem-
plate using ANTS.

Functional data processing

EPI files were de-spiked, slice-time corrected, motion-corrected, inho-
mogeneity corrected, co-registered using boundary-based registra-
tion, normalized to the MNI template, and resampled (2 mm?).
Voxelwise analyses employed data that were spatially smoothed (4
mm). Extended amygdala (EA) analyses used spatially unsmoothed
data and anatomical regions-of-interest (ROIs; see below).

fMRI data modeling

Methods are similar to other recent work and only briefly summa-
rized here (Cornwell et al. 2025). For additional details, see the
Supplementary Material.

First-level modeling

Modeling was performed using SPM12, the default autoregressive
model, and a temporal band-pass filter set to the hemodynamic re-
sponse function (HRF) and 128s set to the hemodynamic response
function (HRF) and 128s (0.0078-0.1667 Hz). Regressors were con-
volved with a canonical HRF and temporal derivative. For the threat-
anticipation paradigm, hemodynamic activity was modeled using
rectangular regressors spanning the entirety of the anticipation
(“countdown”) epochs of the Uncertain-Threat, Certain-Threat, and
Uncertain-Safety trials. Certain-Safety anticipation served as the ref-
erence condition and contributed to the implicit baseline estimate.
Epochs corresponding to the reinforcers, visual masks, and rating
prompts were modeled using the same approach. Nuisance variates
included volume-to-volume displacement and first derivative, six mo-
tion parameters and first derivatives, cerebrospinal fluid (CSF), pulse,
respiration, and other nuisance signals (e.g. brain edge, CSF edge,
global motion, WM, and extracerebral soft tissue). Volumes with ex-
cessive displacement (>0.5mm) and those during and immediately
following reinforcer (shock) delivery were censored.

ROIs

Ce and BST activation was quantified using anatomical ROIs,
unsmoothed data, and regression coefficients extracted and averaged
for each combination of contrast, region, and participant (Theiss et al.
2017, Tillman et al. 2018). Anatomical ROIs enable statistically unbi-
ased tests of regional sensitivity to specific experimental manipula-
tions (i.e. Region x Condition effects), including potential single and
double dissociations (e.g. BST: Uncertain > Certain Threat; Ce:
Uncertain < Certain Threat) (Poldrack et al. 2017, Fox et al. 2018). ROI
registration appeared reasonable for both regions and hemispheres,
based on visual inspection of the 295 normalized T1-weighted ana-
tomical images.

Analytic strategy

Methods are similar to other work and are only briefly summarized
here (Cornwell et al. 2025). For details, see the Supplementary
Material.

Overview

Frequentist (Cohen’s d) effect sizes were interpreted using established
benchmarks (Cohen 1988, 1994, Schimmack 2019), ranging from

large (d=0.80), to medium (d=0.50), to small (d=0.20), to nil (d<0.10).
Bayesian effect sizes were computed for select analyses. Bayes factor
(BF10) quantifies the relative performance of the null hypothesis (Hy;
e.g. the absence of a credible mean difference) and the alternative hy-
pothesis (Hy; e.g. the presence of a credible mean difference), on a 0
to oo scale. BF can be used to quantify the relative strength of the evi-
dence for Hy (test the null), unlike conventional frequentist null-
hypothesis significance tests (Wagenmakers et al. 2018, Bo et al.
2024). It also does not require the data analyst to arbitrarily decide
what constitutes a “statistically indistinguishable” difference, in con-
trast to traditional equivalence tests (Hur et al. 2020). This approach
provides readily interpretable, principled effect-size benchmarks
(van Doorn et al. 2021). Values >1 were interpreted as evidence of
mean differences in activation across conditions, ranging from strong
(BF;0 > 10), to moderate (BF;o = 3-10), to weak (BF;o = 1-3). Values <1
were interpreted as evidence of statistical equivalence (i.e. support
for the null hypothesis), ranging from strong (BF;, < 0.10), to moder-
ate (BF; = 0.10-0.33), to weak (BF;, = 0.33-1). The reciprocal of BF;
represents the relative likelihood of the null hypothesis (e.g.
BF;0=0.10, Hy is 10 times more likely than H;). Bayesian effects were
computed using a noninformative zero-centered Cauchy distribution
(w=1/,2), the field standard for two-sided tests (Schonbrodt et al.
2017, Wagenmakers et al. 2018, Gronau et al. 2020, van Doorn et al.
2021, Schmalz et al. 2023). Across tests, the estimated error of the
MCMC-derived Markov Chain Monte Carlo) BF;, estimates was negli-
gible (<0.30%) and stable across a range of priors.

Whole-brain voxelwise tests

Whole-brain voxelwise repeated-measures GLMs were used to com-
pare each threat-anticipation condition to its corresponding control
condition (e.g. Uncertain-Threat vs. Uncertain-Safety anticipation),
while accounting for mean-centered study (Kim et al. 2023, Grogans
et al. 2024), age, and assigned sex. A minimum conjunction was used
to identify voxels sensitive to Certain- and Uncertain-Threat anticipa-
tion (Nichols et al. 2005). We also directly compared Certain- to
Uncertain- Threat anticipation.

Regions of interest

One-sample Student’s t-tests was used to confirm that the EA ROIs
showed nominally significant recruitment during Certain and
Uncertain Threat anticipation (P < .05, uncorrected). We used a stan-
dard 2 (Region: Ce, BST) x 2 (Threat-Certainty: Certain, Uncertain)
repeated-measures GLM to test regional differences in activation dur-
ing the anticipation of temporally Certain Threat (relative to Certain
Safety) versus Uncertain Threat (relative to Uncertain Safety).
Interactions were probed using focal contrasts. Sensitivity analyses
confirmed that none of the conclusions materially changed when
controlling for study, age, and assigned sex (for details, see the study
OSF collection). A sign test (Zggn) was used to test the proportion of
participants showing double dissociations.

Results

Threat anticipation amplifies subjective distress and
objective arousal

We used repeated-measures general linear models (GLMSs) to confirm
that the threat-anticipation paradigm had the intended impact on an-
ticipatory distress (in-scanner ratings) and arousal (skin conductance
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level, SCL). Eight participants were excluded from SCL analyses due
to insufficient usable data (n=287). As shown in Fig. 2a, subjective
feelings of fear and anxiety were significantly elevated during the an-
ticipation of threat compared to safety, and distress was particularly
pronounced when the timing of threat encounters was uncertain
(Valence: F(1,294) = 965.74, P<.001, d=1.81 [1.62, 1.99], BF;y =
1.42 x 10%%; Certainty: F(1,294) = 231.95, P<.001, d=0.89 [0.75, 1.02],
BF;o = 3.91x10%; Valence x Certainty: F(1,294) = 25.58, P<.001,
d=0.29 [0.18, 0.41], BF;o = 12 327.09; Threat, Uncertain vs. Certain: F
(1,294) = 154.04, P<.001, d=0.72 [0.59, 0.85], BF;y = 3.14x 10%;

o
S—

4.0

In-Scanner Fear/Anxiety Ratings

Certain Uncertain
Threat

Certain Uncertain
Safety

G

-
o
1

4
n
1

Standardized Skin Conductance Level

|
-
o
1

Certain Uncertain
Threat

Certain Uncertain
Safety

Figure 2 The Maryland Threat Countdown paradigm is a valid probe of
human fear and anxiety. (a) Anticipated threat increases subjective
symptoms of distress. Conscious feelings of fear and anxiety were
increased during the anticipation of threat compared to safety, and this
was particularly evident for temporally uncertain threat (P <.001). (b)
Anticipated threat increases objective signs of arousal. A similar pattern
was evident for skin conductance level (SCL; P<.001). Bars depict
means, whiskers depict standard errors, and open rings depict

individual participants.
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Safety, Uncertain vs. Certain: F(1,218) = 77.63, P <.001, d=0.51 [0.39,
0.63], BF; = 4.42 x 10'3).

As shown in Fig. 2b, the same general pattern was evident for SCL,
an objective psychophysiological index of anticipatory arousal
(Valence: F(1,286) = 165.76, P<.001, d=0.76 [0.63, 0.89], BF;, =
9.61 x 10%5; Certainty: F(1,286) = 80.21, P<.001, d=0.53 [0.41, 0.65],
BF;o = 1.09 x 10™; Valence x Certainty: F(1,286) = 129.87, P<.001,
d=0.67 [0.54, 0.80], BF;o = 7.53 x 10°"; Threat, Uncertain vs. Certain: F
(1,286) = 120.97, P<.001, d=0.65 [0.52, 0.78], BF;y = 3.49x10%%;
Safety, Uncertain vs. Certain: F(1,286) = 43.61, P<.001, d = -0.39
[-0.51, =0.27], BF; = 3.57 x 107). Taken together, these converging
observations confirm the validity of the MTC paradigm as an experi-
mental probe of human fear and anxiety, consistent with work in
smaller samples (Hur et al. 2020, Kim et al. 2023).

Uncertain-threat anticipation recruits a distributed
cortico-subcortical network

We used a whole-brain voxelwise GLM to identify regions recruited
during the anticipation of temporally uncertain threat, relative to un-
certain safety (P <.05, whole-brain FWE corrected). As shown in the
first column of Fig. 3, this revealed a widely distributed network of
cortical and subcortical regions previously implicated in the expres-
sion and regulation of human fear and anxiety (Chavanne and
Robinson 2021, Shackman and Fox 2021, Hur et al. 2022, Bo et al.
2024, Grogans et al. 2024, Radua et al. 2025), including the midcingu-
late cortex (MCC); anterior insula (AI) extending into the frontal oper-
culum (FrO); dorsolateral prefrontal cortex (dIPFC) extending to the
frontal pole (FP); brainstem encompassing the periaqueductal grey
(PAG); basal forebrain, including the BST; and dorsal amygdala, in-
cluding the Ce (Table S1, see online supplementary material for a
color version of this table).

While not the focus of our study, exploratory analyses indicated that
uncertain-threat anticipation was associated with reduced activation
(“de-activation”) in a set of midline regions that encompassed key nodes
of the default mode network (e.g. frontal pole, rostral and straight gyri,
and precuneus) as well as the pre- and post-central gyri, posterior
insula, parahippocampal gyrus, and hippocampus (Table S2, see online
supplementary material for a color version of this table), dovetailing
with prior observations (Choi et al. 2012, Grupe et al. 2016, Hur et al
2020). At a more liberal threshold (FDR g < 0.05), the same pattern was
evident in ventromedial regions of the amygdala (e.g. basal and cortical
nuclei and amygdalohippocampal transition area), consistent with prior
neuroimaging studies of anticipated threat and with the known func-
tional heterogeneity of this complex structure (Murty et al. 2022, 2023,
Fox and Shackman 2024, Cornwell et al. 2025).

Certain-threat anticipation recruits a broadly
similar network

We used a parallel approach to identify regions recruited during the
anticipation of temporally certain threat, relative to certain safety
(P < .05, whole-brain FWE corrected). As shown in the second column
of Fig. 3, the results strongly overlapped those evident for uncertain
threat (Tables S3 and S4, see online supplementary material for a
color version of these tables). Indeed, a minimum-conjunction analy-
sis of the two contrasts (Logical “AND”; Nichols et al. 2005) revealed
voxelwise colocalization in every key region, including the BST and
dorsal amygdala in the region of the Ce (third column of Fig. 3). Taken
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Figure 3 Uncertain- and certain-threat anticipation recruit a common cortico-subcortical network. Key regions (green arrowheads) show significantly
increased activation during the anticipation of both uncertain threat (first column) and certain threat (second column), relative to their respective

control conditions (P< .05, whole-brain FWE corrected). Third column depicts the voxelwise conjunction (logical "AND") of the two thresholded

contrasts. Co-localization is evident throughout the network, including the BST and dorsal amygdala (Ce). Fourth column shows the direct contrast of
the two threat-anticipation conditions. The MCC, AI/FrO, and to a lesser extent dIPFC/FP, show significantly greater activation during the anticipation
of uncertain threat, whereas the BST, dorsal amygdala (Ce), and PAG show negligible discrimination of the two conditions. The dIPFC/FP mean
difference was more evident at more rostral planes. For additional details, see Tables S1-S6 (see online supplementary material for a color version of
these tables). Purple insets depict magnified views of overlap in the PAG, BST, and Ce. Abbreviations: Ant., anterior; BST, bed nucleus of the stria

together, these results suggest that this distributed cortico-subcortical
system is sensitive to a range of anticipated threats, including those
that are certain and uncertain in their timing.

Frontocortical regions discriminate uncertain from
certain threat, subcortical regions do not

To determine whether regions recruited during threat anticipation are
sensitive to temporal uncertainty, we directly compared the uncertain
and certain threat conditions (P < .05, whole-brain FWE corrected). As
shown in the fourth column of Fig. 3, frontocortical regions—including

terminalis; dIPFC, dorsolateral prefrontal cortex; FrO, frontal operculum; FWE, familywise error; PAG, periaqueductal gray.

MCC, AI/FrO, and dIPFC/FP—while engaged by both kinds of threat,
showed a preference for temporally uncertain threat, consistent with
prior work (Tables S5 and S6, see online supplementary material for a
color version of these tables) (Hur et al. 2020). In contrast, the BST, dorsal
amygdala (Ce), and PAG showed negligible differences.

The BST and Ce show statistically indistinguishable
responses to certain- and uncertain-threat anticipation

Because voxelwise analyses do not permit inferences about regional
differences in activation, we used anatomical ROIs and spatially


https://academic.oup.com/scan/article-lookup/doi/10.1093/scan/nsag040#supplementary-data
https://academic.oup.com/scan/article-lookup/doi/10.1093/scan/nsag040#supplementary-data
https://academic.oup.com/scan/article-lookup/doi/10.1093/scan/nsag040#supplementary-data
https://academic.oup.com/scan/article-lookup/doi/10.1093/scan/nsag040#supplementary-data

J_ID: Customer A_ID: NSAG040 Copyedited by: Manuscript Category: Original Research Cadmus Art: OP-SOCA2€

NOT FOR

PUBLIC RELEAS

unsmoothed data to rigorously compare the BST and Ce (Fig. 4a). As a
precursor to hypothesis testing, we used one-sample t-tests to confirm
that the BST and Ce ROIs show significant activation during certain-
and uncertain-threat anticipation relative to their respective control
conditions (£(294)>6.49, P < .001, d > 0.37, BF;9>2.02 x 107). Next, we
used a standard 2 (Region: BST, Ce) x 2 (Threat-Certainty: Certain,
Uncertain) repeated-measures GLM to probe potential regional differ-
ences in threat sensitivity. Here again the BST and Ce proved statisti-
cally indistinguishable (Fig. 4a, Figure S2A and B, see online
supplementary material for a color version of this figure). The critical
Region x Threat-Certainty contrast was not significant (F(1,294) =
0.12, P=.73,d = -0.02 [-0.13, 0.09], BF;, = 0.07). In fact, participants
were just as likely as not (49.5% vs. 50.5%; Hy = 50.0%) to show the
hypothesized double-dissociation pattern (Zg, = 0.12, P=.91; Fig. 4b,
Figure S2C, see online supplementary material for a color version of
this figure). Focal contrasts indicated that neither the BST nor the Ce
credibly discriminated certain- from uncertain-threat anticipation
(BST: t(294) = -0.59, P=.56, d = -0.03 [-0.15, 0.08], BF;, = 0.11; Ce: t
(294) = -1.38, P=.17,d = -0.08 [-0.19, 0.03], BF;, = 0.03; Fig. 4a), con-
sistent with the more conservatively thresholded voxelwise results
(Fig. 3). The GLM did, however, reveal a main effect of region, reflect-
ing generally greater BST reactivity to both kinds of anticipated threat
(F(1,294) = 95.36, P <.001, d=0.57 [0.45, 0.69], BF;y = 3.95 x 10'®). The
main effect of Threat-Certainty was not significant (P=.22, d = -0.07
[-0.19, 0.04], BF;¢ = 0.14). None of the conclusions materially changed
when mean-centered study, age, and biological sex were included as
nuisance variates. In sum, at least when viewed through the lens of
hemodynamics and the MTC paradigm, the BST and Ce show statisti-
cally indistinguishable responses to certain- and uncertain-threat
anticipation.

Discussion

In the realm of human neuroimaging research, the present results
provide some of the strongest evidence to date that the functional ar-
chitecture of the EA does not conform to popular double-dissociation
models (Figure S1, see online supplementary material for a color ver-
sion of this figure and Note 1; NIMH 2011, Somerville et al. 2013,
Avery et al. 2016, LeDoux and Pine 2016, Klumpers et al. 2017). The
Ce and BST are both engaged during periods of threat anticipation,
and the degree of engagement is independent of the temporal cer-
tainty of threat encounters. In a head-to-head comparison, the Ce and
BST showed statistically indistinguishable selectivity for the two
kinds of threat (d=0.02), with strong Bayesian evidence against re-
gional differences (BF;o = 0.07; Hy is 14.3 times more likely than H;).
It is worth considering two potential methodological explanations
for this null observation. First, might it reflect inadequate EA signal
quality (e.g. low signal-to-noise ratio [SNR])? This is unlikely. Our
results indicate that we have sufficient statistical power and SNR to
detect threat-related activation in the Ce and BST and to detect other
types of regional activation differences (i.e. greater BST sensitivity to
anticipated threat). Second, might it reflect an artifact of our hemody-
namic model? After all, our conclusions are based on a simplified
“boxcar” model that assumes static, time-invariant neural responses
to anticipated threats. This approach precludes inferences about re-
gional differences in more fleeting activation dynamics, and leaves
open the possibility that the Ce and BST differ in their phasic
responses. Yet this, too, is unlikely. Leveraging a subset of the present
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Figure 4 The human BST and Ce show statistically indistinguishable
responses during certain- and uncertain-threat anticipation. (a)
Anatomical ROIs. Probabilistic anatomical ROIs provided statistically
unbiased estimates of BST and Ce activation during certain- and
uncertain-threat anticipation. Leveraging spatially unsmoothed data,
regression coefficients were extracted and averaged across voxels for
each combination of ROI, task contrast, and participant. Box plots
underscore negligible activation differences during the anticipation
of certain-versus-uncertain threat in both the BST (left) and the Ce
(right), contrary to double-dissociation models (P>.16, d<0.09,
BF10<0.12). Note: The y-axis scale differs across ROIs. (b) Regional
comparison. A standard repeated-measures GLM was used to directly
assess potential regional differences in reactivity to certain-versus-
uncertain threat. Contrary to the double-dissociation model, the
Region x Threat-Certainty interaction was not significant. Boxplot
depicts the interaction as a 1-df contrast, that is, the “difference of
differences.” Participants were just as likely as not (49.5% vs. 50.5%) to
show the hypothesized double dissociation, Zsig4, = 0.12, P=.91.
Boxplots depict the median (horizontal lines), interquartile range
(boxes), and individual participants (dots) for each contrast. Whiskers
indicate 1.5x the interquartile range. Gray lines depict the sign and
magnitude of intra-individual mean differences. Inset ring plot
depicts the percentage of participants showing the hypothesized
dissociation of regional reactivity to threat (BST: Certain < Uncertain
Threat; Ce: Certain > Uncertain Threat). Abbreviations: BF, Bayes
Factor; BST, bed nucleus of the stria terminalis; Ce, central nucleus of
the amygdala; CT, certain-threat anticipation; d, Cohen's d. fMRI,

functional magnetic resonance imaging; FWE, family-wise error; GLM, [AQI9|

general linear model; ROI, region-of-interest; UT, uncertain-threat
anticipation.
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sample (n=220) and more sophisticated hemodynamic models,
Cornwell and colleagues found statistically indistinguishable
responses to anticipated threat, manifesting as sustained levels of
heightened Ce/BST activation to temporally uncertain-and-distal
encounters and phasic surges of Ce/BST activation to certain-and-
imminent encounters (Cornwell et al. 2025). Taken together, this pat-
tern of results reinforces the conclusion that the Ce and BST respond
similarly to temporally certain and uncertain threat.

The similarities in Ce and BST function identified here are consis-
tent with other evidence. Both regions are characterized by similar
anatomical connectivity, cellular composition, neurochemistry, and
gene expression (Fox et al. 2015b). Both are poised to trigger behav-
ioral, psychophysiological, and neuroendocrine responses to threat
via dense projections to downstream effector regions (Fox et al
2015b). Activity in both regions has been shown to co-vary with indi-
vidual differences in trait anxiety in large-scale studies of nonhuman
primates (n=592) (Fox et al. 2015a). Among humans, the Ce and BST
are recruited by a broad spectrum of threatening and aversive stim-
uli (Fox and Shackman 2019, Hur et al. 2020, Shackman and Fox
2021) and both regions show hyper-reactivity to emotional tasks in
individuals with anxiety disorders (Chavanne and Robinson 2021,
Shackman and Fox 2021). Mechanistic work in rodents demonstrates
that microcircuits within and between the Ce and BST are critical gov-
ernors of defensive responses to both certain and uncertain threats
(Lange et al. 2017, Fox and Shackman 2019, Pomrenze et al. 2019a,
2019b, Ressler et al. 2020, Chen et al. 2022, Holley and Fox 2022,
Moscarello and Penzo 2022, Ren et al. 2022, Zhu et al. 2024). In fact,
work in mice using a variant of the MTC shows that projections from
the Ce to the BST are necessary for mounting defensive responses to
temporally uncertain threat (Lange et al. 2017), dovetailing with the
present results. Although our understanding remains far from com-
plete, this body of work underscores the need to reformulate concep-
tual models that posit a strict functional segregation of certain and
uncertain threat processing in the EA.

These observations do not mean that the Ce and BST are function-
ally identical or interchangeable. Indeed, our results indicate that the
BST is more strongly recruited by both kinds of anticipated threat.
Work in monkeys demonstrates that BST activity is more closely re-
lated to heritable variation (“nature”) in trait anxiety, whereas Ce ac-
tivity is more closely related to the variation in trait anxiety that is
explained by differences in early-life experience (“nurture”) (Fox
et al. 2015a). The BST also appears to be more closely involved in or-
ganizing persistent signs of fear and anxiety following threat encoun-
ters (Duvarci et al. 2009, Shackman et al. 2017). Among humans,
individual differences in neuroticism/negative emotionality, a promi-
nent risk factor for anxiety disorders and depression, is selectively as-
sociated with heightened BST reactivity to uncertain-threat
anticipation, an association that remains evident when controlling
for Ce reactivity (Grogans et al. 2024). Clarifying the nature of these
regional differences is an important avenue for future research. This
endeavor is likely to benefit from the use of pharmacological chal-
lenges (e.g. acute benzodiazepine; Miles et al. 2011, Ressler et al. 2020)
and theory-driven computational modeling (Holley and Fox 2022),
approaches that would facilitate the development of coordinated
cross-species models of fear and anxiety. When combined with para-
metric manipulations of specific facets of threat (e.g. duration, proba-
bility), computational modeling has the potential to address
fundamental questions about the function of threat-sensitive brain
regions, clarify inconsistencies across paradigms, and foster a

common mathematical framework (“lingua franca”) for integrating
research across investigators, readouts, and species (Drzewiecki and
Fox 2024).

The processing of uncertain and certain anticipated threats is not
confined to the EA. Whole-brain voxelwise analyses revealed a dis-
tributed network that encompasses both frontocortical (MCC, AI/FrO,
and dIPFC/FP) and other subcortical regions (PAG) regions (Fig. 3).
And while this network is sensitive to both kinds of threat, with co-
localization evident in every key region, direct comparison of the two
threat conditions revealed greater frontocortical activation during
uncertain-threat anticipation. We previously hypothesized that this
could reflect differences in either cognitive load or the intensity of
distress and arousal across conditions (Hur et al. 2020). On certain-
threat trials, the descending integer stream (“countdown”) provides
an overt index of momentary changes in threat imminence. On
uncertain-threat trials, this cognitive scaffolding is absent, encourag-
ing reliance on the kinds of sustained, endogenous representations
that are the hallmark of frontocortical regions (Tardiff and Curtis
2025). A second notable difference between the two threat conditions
is the greater intensity of distress and arousal elicited by uncertain
threat (Fig. 2), potentially reflecting differences in the cumulative haz-
ard rate (ie. the mathematical probability of encountering threat,
given that it has not yet occurred) across the two threat conditions
(Holley et al. 2024). From this perspective, increased frontocortical ac-
tivation could reflect either heightened fear/anxiety or stronger re-
cruitment of compensatory processes aimed at downregulating
negative affect. On the one hand, there is ample evidence that fronto-
cortical regions, including the MCC and AI/FrO, are recruited by a
wide variety of aversive challenges, consistent with a role in generat-
ing negative affect (Xu et al. 2020, Chavanne and Robinson 2021, Bo
et al. 2024, Radua et al. 2025). Of course, they also play a role in regu-
lating distress (Bo et al. 2024). In laboratory studies of prompted cog-
nitive reappraisal, MCC and dIPFC/FP activation scales with the
degree of regulatory success (Urry et al. 2009, Bo et al. 2024), raising
the possibility that frontocortical activation during aversive labora-
tory challenges partially reflects spontaneous efforts to downregulate
or inhibit distress (“implicit” regulation; Shackman and Lapate 2018).
Consistent with this hypothesis, we recently showed that heightened
MCC and FrO reactivity to the MTC paradigm is associated with
dampened emotional reactivity to real-world stressors, indexed using
ecological momentary assessment (Hur et al. 2022), an observation
that is consistent with evidence that loss of MCC function is associated
with increased (“dysregulated”) emotional reactivity to painful stim-
uli in humans and amplified defensive responses to threat in mon-
keys (Davis et al. 1994, Greenspan et al. 2008, Rahman et al. 2021).

Clearly, several challenges remain for the future. First, it will be im-
portant to determine whether our conclusions generalize to more de-
mographically representative samples, other types of experimental
threat (e.g. social), other kinds of uncertainty (e.g. probability, risk,
ambiguity), and more naturalistic paradigms that span longer and
more ecologically valid periods of threat anticipation (Wang et al.
2005, Mobbs et al. 2021). It merits comment that the absence of re-
ward trials precludes strong inferences about valence. Second, the Ce
and BST are complex and can be subdivided into multiple subdivi-
sions, each containing intermingled cell types with distinct, even op-
posing functional roles (e.g. anxiogenic vs. anxiolytic) (Fox and
Shackman 2019, 2024, Holley and Fox 2022, Moscarello and Penzo
2022). Animal models will be critical for generating testable hypothe-
ses about the most relevant molecules, cell types, and microcircuits
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(Fox and Shackman 2019, 2024, Kamboj et al. 2024). Third, fear and
anxiety reflect the coordinated interactions of widely distributed neu-
ral networks (Tovote et al. 2015, Liu et al. 2024). Moving forward, it
will be important to clarify the relevance of functional connectivity
within and beyond the EA.

Anxiety disorders impose a staggering burden on global health,
afflicting ~360 million individuals annually (GBD2021 2024). Existing
treatments were developed decades ago and have limited efficacy, ac-
ceptability, durability, and tolerability (Singewald et al. 2023, Cuijpers
et al. 2024, De Crescenzo et al. 2024). Rising to this challenge requires
the development of more accurate models of the neural systems gov-
erning fear and anxiety in health and disease. Leveraging a well-
powered mega-analytic sample, translationally relevant fMRI para-
digm, and best-practices analytic approach, the present results dem-
onstrate that the EA systems recruited by certain and uncertain
threat are not categorically different, with clear evidence of func-
tional colocalization—not segregation—in the Ce and BST. These
observations provide an empirically grounded framework for con-
ceptualizing fear and anxiety, for understanding the functional neu-
roanatomy of threat processing in humans, and for accelerating the
development of improved biological interventions for the suffering
caused by extreme fear and anxiety.
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Didier...& Shackman, Mega-analysis 2
SUPPLEMENTARY NOTE 1. Fear, anxiety, and the extended amygdala.

In this section, we briefly highlight some prominent neuroscientific definitions of fear and anxiety and
recent theoretical claims about the functional organization of the two major subdivisions of the extended
amygdala (EA), including the central nucleus of the amygdala (Ce/CeA) and the bed nucleus of the stria
terminalis (BST/BNST).

By design, this brief survey is meant to be illustrative, not comprehensive. For a panel discussion of related
conceptual issues, see Grogans and colleagues (Grogans et al., 2023). For an overview of popular assays for

assessing fear and anxiety in different species, see Shackman and colleagues (Shackman et al., 2016). For
an overview of concerns centered on the imprecision and inconsistency of fear-and-anxiety terminology
see Perusini and Fanselow (Perusini & Fanselow, 2015) and Shackman and Fox (Shackman & Fox, 2016).

Avery et al. Neuropsychopharmacology 2016 (Avery etal., 2016)

e “The amygdala mediates short-term, phasic responses to immediate threats, whereas the BNST
mediates sustained responses to contextual, diffuse, and unpredictable threats.”

Daniel-Watanabe & Fletcher Biological Psychiatry Global Open Science 2022 (Daniel-Watanabe & Fletcher,
2022)

e “Fear is related to the presence, or imminent presence, of the aversive stimulus, while anxiety is
considered the more protracted state produced by a sustained expectation that the aversive event is
likely to occur.”

e “Evidence that both amygdala and BNST are responsive to both predictable and unpredictable
threats... calls into question this overall claim for a neural distinction between fear and anxiety.”

o “It is difficult to escape the conclusion that the current distinction between fear and anxiety is an
unreliable one. While it has been useful in guiding research and clinical work, the inconsistencies
suggest that there is a need to reexamine the distinction and consider the importance of other aspects
of the experience of anxiety, such as uncertainty and avoidance.”

Davis et al. Neuropsychopharmacology 2010 (Davis et al., 2010)

e “Although the symptoms of fear and anxiety are very similar, they differ in terms of certain key
dimensions....Fear is prompted by imminent and real danger, and galvanizes active defensive
responses. In contrast, anxiety is often elicited by less specific and less predictable threats, or by those
that are physically or psychologically more distant.”

e “The BLA [basolateral amygdala] sends heavy projections to both the CeA and the BNST... The heaviest
projections...are to the CeAm [medial division of the Ce/CeA], which in turn projects to the
hypothalamus and brainstem to mediate phasic fear responses..A long duration fear stimulus
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activates the BLA, which then rapidly activates the CeAm to produce phasic fear through the release of
glutamate acting on AMPA/kainate receptors on CeAm neurons. Shortly thereafter, inputs to the
CeAyL [lateral division of the Ce/CeA] then release CRF into the BNST to cause a long-lasting sustained
fear reaction. Inhibitory feedback to the CeAm from either the CeAL or the BNST shuts down the CeAuw,
allowing a seamless transition from phasic to sustained fear.

Domschke Biological Psychiatry Global Open Science 2022 (Domschke, 2022)

e “Fear and anxiety seem to represent closely interrelated diagnostic constructs remaining to be further
interrogated for their shared and unique molecular, neuronal, physiological, and behavioral
substrates—aquite in accordance with Martin Heidegger’s reconciling notion: “Of course it still
remains obscure how [anxiety] is connected ontologically with fear. Obviously these are kindred
phenomena.”

Fox & Shackman Neuroscience Letters 2019 (Fox & Shackman, 2019)

e “On balance, the brain imaging literature suggests that the Ce and BST, while certainly not
interchangeable, are more alike than different.”

e “The central extended amygdala plays a crucial role in evaluating and responding to a broad spectrum
of threat-related cues and contexts. While they are certainly not interchangeable, the Ce and the BST
show similar patterns of connectivity, cellular composition, neurochemistry, and gene expression. Both
are sensitive to uncertain or temporally remote threat; both co-vary with threat-elicited changes in
behavior, physiology, and experience; both show phasic responses to acute threat; and both show
heightened activity during sustained exposure to diffusely threatening contexts. Work in rodents
indicates that both regions play a critical role in organizing sustained defensive responses to a range
of potentially threatening cues and contexts.”

Grupe & Nitschke Nature Reviews Neuroscience 2013 (Grupe & Nitschke, 2013)

e “Fear and anxiety can be distinguished according to how much certainty one has regarding the
likelihood, timing or nature of a future threat...Environmental cues indicating the unambiguous
presence of an immediate threat give rise to intense 'fearful’ defensive behaviours (that is, 'fight or
flight'), whereas more diffuse, distal or unpredictable threat cues produce 'anxious’ risk assessment
behaviour...that is likely to persist until such uncertainty is resolved.”

o “We define anxiety...as anticipatory affective, cognitive and behavioural changes in response to
uncertainty about a potential future threat.”

Gungor & Paré Journal of Neuroscience 2016 (Gungor & Paré, 2016)
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Early work stressed the differing involvement of the central amygdala (CeA) and bed nucleus of the
stria terminalis (BNST) in the genesis of fear versus anxiety, respectively...This model became
extremely influential and now guides a new wave of studies on the role of BNST in humans. Here, we
consider evidence for and against this model...This analysis leads us to conclude that BNST's influence
is not limited to the generation of anxiety-like responses to diffuse threats, but that it also shapes the
impact of discrete threatening stimuli.”

LeBow & Chen Molecular Psychiatry 2016 (Lebow & Chen, 2016)

“The amygdala is responsible for mediating specific cue-based fear responses, and thus controls the
assessment of immediate or phasic fear.”

“Fear and anxiety can be divided into an immediate threat, for example, the presence of a predator,
and pre- or post-encounter threats, for example, the apprehension of encountering a predator again.
The BNST is hypothesized to mediate these longer-term responses to anxiety, where a challenge or
recovery from a challenge to homeostasis occurs. In contrast, the CeA is thought to mediate shorter
duration phasic fear responses, which occur in response to a current challenge to homeostasis.”

LeDoux & Pine American Journal of Psychiatry 2016 (LeDoux & Pine, 2016)

“We propose...that the mental state term fear be used to describe feelings that occur when the source
of harm, the threat, is either immediate or imminent, and anxiety be used to describe feelings that
occur when the source of harm is uncertain or is distal in space or time.”

“Just as findings demonstrating that the amygdala detects and controls behavioral and physiological
responses to immediate threats have supported views of the amygdala as fear-circuit hub, other
findings, about responses to uncertain threats, have led to a view of the circuitry of anxiety. Thus, in
recent years, animal research has suggested the bed nucleus of the stria terminalis (BNST) is engaged
when threats are uncertain...resulting in behavioral inhibition and risk assessment ...The BNST has
thus come to be for anxiety what the amygdala is for fear—a circuit hub out of which anxious feelings
emerge.”

Mobbs et al. Trends in Cognitive Sciences 2020 (Mobbs et al., 2020)

“Anxiety: a future-oriented emotional state associated with potential and uncertain threats.”

“Fear: an emotion that is associated with a present and identifiable threat.”

Moscarello & Penzo Nature Neuroscience 2022 (Moscarello & Penzo, 2022)
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In nature, animals display defensive behaviors that reflect the spatiotemporal distance of threats.
Laboratory-based paradigms that elicit specific defensive responses in rodents have provided valuable
insight into the brain mechanisms that mediate the construction of defensive modes with varying
degrees of threat imminence....High- and low-imminence defensive modes...are mediated at the neural-
circuit level within the CeA and its downstream targets.

NIMH Negative Valence Systems: Workshop Proceedings 2011 (NIMH, 2011)

“Responses to acute threat (Fear): Activation of the brain’s |——— Units of Analysis —————
defensive motivational system to promote behaviors that |Senes | Molecules | calls Circuits
protect the organism from perceived danger. Normal feqr |onstructAcuteThreat(Fear)
. . s BDNF, NMDAR, Neurons, Central Nucleus,
involves a pattern of adaptive responses to conditioned or |sisime | cuemste | ole BasAmyg,
iy . . . . . CRF, FKB5, Dopamine, Pyramidal LatAmyg, vPAG,
unconditioned threat stimuli (exteroceptive or interoceptive). |cagass i —" cell, e
. . . o, Gl i BOMNF, GABA, GABA i hi
Fear can involve internal representations and cognitive |.me | corea S
. . 5 , hij
processing, and can be modulated by a variety of factors.” Opordastem, | codogenatn ppacames
COMT, cannabinoids, latPFCfinsula,
Cannabinoid orexin, NPY, vmPFC (il),
. . . . . tem, CRFf: Iy, dmPFC (pl), OFC,
“Responses to potential harm (Anxiety): Activation of a brain |saemee st | rem, omrecn ks ety
. . . . . Cam ki , Vi 3 d | ACC,
system in which harm may potentially occur but is distant, |ueueers| o o
. . . iy . ki 3 5 id : .
ambiguous, or low/uncertain in probability, characterized by a |ac =~ |o T o oy
. Icholine, id " b
pattern of responses such as enhanced risk assessment |ioerne| R
(vigilance). These responses to low imminence threats are i::;“f;;cs e
qualitatively different than the high imminence threat -
behaviors that characterizefear ” Construct: Potential Harm (“Anxiety™)
’ CRF CRF family. Pituitary Bed nucleus of
cortisol cells stria terminalis
“While there is considerable overlap in the efferent activity
generated, the distinction between these two constructs has

found support in both animal and human literatures. In animal models, acute threat is associated with
efferent activity from the amygdala, whereas potential harm has been shown to be related to
activation of the bed nucleus of the stria terminalis (BNST).”

Oredu, Lennon, Vervliet & Schiller (Orederu et al., 2024)

“Ethological, clinical, and neurobiological evidence strongly suggests that what we colloquially call
“fear” is best understood as referring to two different scientific constructs, namely fear and
anxiety...Fear is a transient reaction to an identifiable and often proximal threat...and serves to
motivate defensive behaviors aimed at coping with the upcoming threat (e.g., fight, flight, freeze).
Anxiety, on the other hand, refers to more general, chronic apprehension and worry that is free-floating
and not bound to a specific object...Essentially, fear constitutes a state in which a person is actively
responding to present danger, while anxiety refers to a person’s response to an uncertain threat that
may occur in the future.”
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e “Inactivation of...BNST selectively impairs innate, but not conditioned, fear responses...These roles are
reversed when it comes to conditioned fear, with central nucleus inactivation leading to selective
reduction in conditioned fear, and BNST...inactivation sparing conditioned fear...Such divergent
findings point to a specific role for the central nucleus in conditioned fear.”

Tovote et al. Nature Reviews Neuroscience 2015 (Tovote et al., 2015)

o “Whereas fear is evoked by discrete and acutely threatening stimuli, anxiety can be operationalized as

an emotional response to vague, potential threats.”
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SUPPLEMENTARY FIGURES AND CAPTIONS

A. Double-dissociation model
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Supplementary Figure S1. Conceptual overview of competing hypotheses about the functional
architecture of the extended amygdala (EA). (A) Double-dissociation model. Several influential models
suggest that fear and anxiety arise from two strictly segregated, doubly dissociable neural systems, positing
that the Ce is sensitive to certain (but not uncertain) threat and promotes signs and symptoms of fear;
whereas the BST is sensitive to uncertain (but not certain) threat and promotes anxiety (see
Supplementary Note 1, above). (B) Proposed model. We propose a competing hypothesis, positing that
that the Ce and BST play a role in governing responses to both kinds of threat (Fox & Shackman, 2019;
Shackman & Fox, 2016). Note: This figure is purely for heuristic purposes and does not depict actual data.
Abbreviations—BST, bed nucleus of the stria terminalis; Ce, central nucleus of the amygdala.
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SUPPLEMENTARY METHOD

Threat-Anticipation Paradigm

Paradigm Structure and Design Considerations. The Maryland Threat Countdown paradigm is a well-
established, fMRI-optimized variant of temporally uncertain-threat assays that have been validated in

rodents and humans (Daldrup et al., 2015; Hefner et al., 2013; Lange et al., 2017; Miles et al., 2011; Moberg

etal., 2017).

As shown schematically in Figure 1, the paradigm takes the form of a 2 (Valence: Threat/Safety) x 2
(Temporal Certainty: Uncertain/Certain) randomized, event-related, repeated-measures design (3 scans; 6
trials/condition/scan). Participants were completely informed about the task design and contingencies
prior to scanning. Simulations were used to optimize the detection and deconvolution of task-related
hemodynamic signals. Stimulus presentation was controlled using Presentation software (version 19.0,

Neurobehavioral Systems, Berkeley, CA).

On Certain-Threat trials, participants saw a descending stream of integers (‘count-down;’ e.g., 30, 29, 28...3,
2, 1) for 18.75 s. To ensure robust distress and arousal, the anticipation epoch culminated with the
presentation of a noxious electric shock, unpleasant photograph (e.g., mutilated body), and thematically
related audio clip (e.g., gunshot). Uncertain-Threat trials were similar, but the integer stream was
randomized and presented for an uncertain and variable duration (8.75-30.00 s; M=18.75 s). Here,
participants knew that something aversive was going to occur but had no way of knowing precisely when.

Consistent with methodological recommendations (Shackman & Fox, 2016), the mean duration of the

anticipation epoch was identical across conditions, ensuring equal measurement precision. The specific

duration was chosen to enhance detection of task-related differences in the blood oxygen level-dependent
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(BOLD) signal (‘activation’) (Henson, 2007) and to allow sufficient time for sustained responses to become

evident. Safety trials were similar but terminated with the delivery of emotionally neutral reinforcers (see
below). Valence was continuously signaled during the anticipation epoch (‘countdown’) by the background
color of the display. Temporal certainty was signaled by the nature of the integer stream. Certain trials
always began with the presentation of the number 30. On Uncertain trials, integers were randomly drawn
from a near-uniform distribution ranging from 1 to 45 to reinforce the impression that they could be much
shorter or longer than Certain trials and to minimize incidental temporal learning (‘time-keeping’). To
concretely demonstrate the variable duration of Uncertain trials, during scanning, the first three Uncertain
trials featured short (8.75 s), medium (15.00 s), and long (28.75 s) anticipation epochs. To mitigate
potential confusion and eliminate mnemonic demands, a lower-case ‘c’ or ‘u’ was presented at the lower
edge of the display throughout the anticipatory epoch. White-noise visual masks (3.2 s) were presented

between trials to minimize the persistence of visual reinforcers in iconic memory.

Participants were periodically prompted (following the offset of the white-noise visual mask) to rate the
intensity of fear/anxiety experienced a few seconds earlier, during the anticipation period of the prior trial,
using a 1 (minimal) to 4 (maximal) scale and an MRI-compatible response pad (MRA, Washington, PA).
Each condition was rated once per scan (16.7% trials). Skin conductance was continuously acquired

throughout.

Procedures. Prior to scanning, participants practiced an abbreviated version of the paradigm (without
electrical stimulation) until they indicated and staff confirmed understanding. Benign and aversive
electrical stimulation levels were individually titrated. Benign Stimulation. Participants were asked

whether they could “reliably detect” a 20 V stimulus and whether it was “at all unpleasant.” If the
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participant could not detect the stimulus, the voltage was increased by 4 V and the process repeated. If the
participant indicated that the stimulus was unpleasant, the voltage was reduced by 4 V and the process
was repeated. The final level chosen served as the benign electrical stimulation during the imaging
assessment. Aversive Stimulation. Participants received a 100 V stimulus and were asked whether it was
“as unpleasant as you are willing to tolerate”—an instruction specifically chosen to maximize anticipatory
distress and arousal. If the participant indicated that they were willing to tolerate more intense stimulation,
the voltage was increased by 10 V and the process repeated. If the participant indicated that the stimulus
was too intense, the voltage was reduced by 5 V and the process repeated. The final level chosen served as
the aversive electrical stimulation during the imaging assessment. Following each scan, staff re-assessed

whether stimulation was sufficiently intense and increased the level as necessary (for descriptive statistics,

see Grogans et al., 2024; Kim et al., 2023).

Electrical Stimuli. Electrical stimuli (100 ms; 2 ms pulses every 10 ms) were generated using an MRI-
compatible constant-voltage stimulator system (STMEPM-MRI; Biopac Systems, Inc., Goleta, CA) and
delivered using MRI-compatible, disposable carbon electrodes (Biopac) attached to the fourth and fifth

digits of the left hand.

Visual Stimuli. Seventy-two aversive and benign photographs (1.8 s) were selected from the International

Affective Picture System (for details, see Hur et al., 2020). Visual stimuli were back-projected (Powerlite

Pro G5550, Epson America, Inc., Long Beach, CA) onto a semi-opaque screen mounted at the head-end of

the scanner bore and viewed using a mirror mounted on the head-coil.
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Auditory Stimuli. Seventy-two aversive and benign auditory stimuli (0.8 s) were adapted from open-
access online sources and delivered using an amplifier (PA-1 Whirlwind) with in-line noise-reducing filters
and ear buds (S14; Sensimetrics, Gloucester, MA) fitted with noise-reducing ear plugs (Hearing

Components, Inc., St. Paul, MN).

Skin Conductance. Skin conductance was continuously acquired during each scan using a Biopac system
(MP-150; Biopac Systems, Inc., Goleta, CA). Skin conductance (250 Hz; 0.05 Hz high-pass) was measured
using MRI-compatible disposable electrodes (EL507) attached to the second and third digits of the left

hand.

Data were acquired using a single Siemens Magnetom TIM Trio 3 Tesla scanner (32-channel head-coil).
Foam inserts were used to immobilize the participant’s head within the head-coil. Participants were
continuously monitored using an eye-tracker (Eyelink 1000; SR Research, Ottawa, Ontario, Canada) and

the AFNI real-time motion plugin (Cox, 1996). Eye-tracking data were not recorded. Sagittal T1-weighted

anatomical images were acquired using a magnetization prepared rapid acquisition gradient echo
sequence (TR=2,400 ms; TE=2.01 ms; inversion time=1,060 ms; flip=8°; slice thickness=0.8 mm; in-
plane=0.8x0.8 mm; matrix=300x320; field-of-view=240x256). A T2-weighted image was collected co-
planar to the T1-weighted image (TR=3,200 ms; TE=564 ms; flip angle=120°). A multi-band sequence was
used to collect oblique-axial echo-planar imaging (EPI) volumes (multiband acceleration=6; TR=1,250 ms;
TE=39.4 ms; flip=36.4°; slice thickness=2.2 mm, number of slices=60; in-plane resolution=2.1875x2.1875
mm; matrix=96x96). Data were collected in the oblique-axial plane (approximately -20° relative to the AC-
PC plane) to minimize susceptibility artifacts. Three 478-volume EPI scans were acquired. The scanner

automatically discarded the first 7 volumes. To enable fieldmap correction, two oblique-axial spin echo
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(SE) images were collected in opposing phase-encoding directions (rostral-to-caudal and caudal-to-
rostral) at the same location and resolution as the functional volumes (i.e., co-planar; TR=7,220 ms; TE=73
ms). Respiration and pulse were continuously acquired during scanning using a respiration belt and photo-

plethysmograph affixed to the first digit of the non-dominant hand.

Skin Conductance Data Processing Pipeline

Skin conductance data were processed using PsPM (version 4.0.2) and in-house Matlab (version

9.9.0.1467703) code (Bach et al., 2018; Bach & Friston, 2013). Data were orthogonalized with respect to

pulse and respiration signals and de-spiked using filloutliers (150-sample moving-median widow; modified
Akima cubic Hermite interpolation). Each scan was then band-pass filtered (0.009-0.333 Hz), median

centered, and down-sampled (4 Hz). Participant-specific skin conductance response functions (SCRFs)

were estimated by fitting the four parameters of the canonical SCRF (Bach et al., 2010) to the grand-average
reinforcer response using fmincon and a cost function that maximized variance explained and penalized

negative coefficients.

Skin Conductance Modeling

Robust general linear models (GLMs) were used to separate electrodermal signals associated with threat
anticipation from those evoked by other aspects of the task (e.g., reinforcer presentation). Modeling was
performed separately for each participant and scan using robustfit. Subject-specific SCRFs were convolved
with rectangular regressors time-locked to the presentation of the reinforcers (separately for each trial

type), visual masks, and rating prompts. The first-level residuals were then averaged separately for each
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participant and condition, enabling us to quantify skin conductance level (SCL) during the anticipation

(‘countdown’) epochs.

MRI Pipeline

Methods were optimized to minimize spatial normalization error and other potential sources of noise and

are similar to other recent work by our group (Cornwell et al., 2025). Data were visually inspected before

and after processing for quality assurance.

Anatomical Data Processing. T1- and T2-weighted images were inhomogeneity corrected using N4

(Tustison et al., 2010) and denoised using ANTS (Avants et al., 2011). The brain was then extracted using

a combination of BEaST (Eskildsen et al., 2012) and brain-extracted and normalized reference brains from

IXI (BIAC, 2022). Extracted T1 images were normalized to a variant of the 1-mm T1-weighted MNI152

template that was modified to remove extracerebral tissue (non-linear 6th-generation symmetric average;

Grabner etal., 2006). Normalization was performed using the diffeomorphic approach implemented in SyN

(version 2.3.4) (Avants etal., 2011). T2-weighted images were rigidly co-registered with the corresponding

T1 prior to normalization. The brain extraction mask from the T1 was then applied. Tissue priors were

unwarped to native space using the inverse diffeomorphic transformation (Lorio et al., 2016). Brain-

extracted T1 and T2 images were segmented using native-space priors generated in FAST (version 6.0.4)

for use in T1-EPI co-registration (Jenkinson et al., 2012).

Fieldmap Data Processing. SE images and topup were used to create fieldmaps. Fieldmaps were converted

to radians, median-filtered, and smoothed (2-mm). The average of the distortion-corrected SE images was
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inhomogeneity corrected using N4 and masked to remove extracerebral voxels using 3dSkullStrip (version

19.1.00). The resulting mask was minimally eroded to further exclude extracerebral voxels.

Functional Data Processing. EPI files were de-spiked using 3dDespike, slice-time corrected to the TR-
center using 3dTshift, and motion-corrected to the first volume and inhomogeneity corrected using ANTS
(12-parameter affine). Transformations were saved in ITK-compatible format for subsequent processing

(McCormick et al., 2014). The first volume was extracted for EPI-T1 co-registration. The reference EPI

volume was simultaneously co-registered with the corresponding T1-weighted image in native space and

corrected for geometric distortions using boundary-based registration (Jenkinson et al., 2012). This step
incorporated the previously created fieldmap, undistorted SE, T1, white matter (WM) image, and masks.
The spatial transformations necessary to transform each EPI volume from native space to the reference
EPI, from the reference EPI to the T1, and from the T1 to the template were concatenated and applied to
the processed EPI data in a single step to minimize incidental spatial blurring. Normalized EPI data were
resampled (2 mm3) using fifth-order b-splines. Voxelwise analyses employed data that were spatially
smoothed (4-mm) using 3DblurinMask. To minimize signal mixing, smoothing was confined to the gray-
matter compartment, defined using a variant of the Harvard-Oxford cortical and subcortical atlases that
was expanded to include the bed nucleus of the stria terminalis (BST) and periaqueductal gray (PAG)

(Desikan et al., 2006; Edlow et al., 2012; Frazier et al., 2005; Makris et al., 2006; Theiss et al., 2017). Focal

analyses of the extended amygdala (EA) leveraged spatially unsmoothed data and anatomically defined

regions of interest (ROIs; see below), consistent with prior work by our group (Cornwell et al., 2025).

fMRI Data Modeling
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First-Level Modeling. For each participant, first-level modeling was performed using GLMs implemented
in SPM12 (version 7771), with the default autoregressive model and the temporal band-pass filter set to

the hemodynamic response function (HRF) and 128 s (~0.0078-0.1667 Hz; Wellcome Centre for Human

Neuroimaging, 2022). Regressors were convolved with a canonical HRF and its temporal derivative. For

the threat-anticipation paradigm, hemodynamic activity was modeled using variable-duration rectangular
(‘boxcar’) regressors that spanned the entirety of the anticipation (‘countdown’) epochs of the Uncertain-
Threat, Certain-Threat, and Uncertain-Safety trials. To maximize design efficiency, Certain-Safety
anticipation served as the reference condition and contributed to the implicit baseline estimate. Epochs
corresponding to the presentation of the four types of reinforcers, white-noise visual masks, and rating
prompts were simultaneously modeled using the same approach. EPI volumes acquired before the first
trial and following the final trial were unmodeled and contributed to the baseline estimate. Consistent with

prior work (Cornwell et al., 2025), nuisance variates included volume-to-volume displacement and first

derivative, 6 motion parameters and first derivatives, cerebrospinal fluid (CSF) signal, instantaneous pulse

and respiration rates, and nuisance signals (e.g., brain edge, CSF edge, global motion, WM, and

extracerebral soft tissue) (Anderson et al., 2011; Pruim et al., 2015). Volumes with excessive volume-to-
volume displacement (>0.5 mm) and those during and immediately following reinforcer delivery were

censored. On average, 3.39 volumes were censored per run (SD=4.42).

Anatomical ROIs. Ce and BST activation was quantified using well-established, anatomically defined

regions-of-interest (ROIs) and spatially unsmoothed data (Theiss etal., 2017; Tillman et al., 2018). The BST

ROI mostly encompasses the supra-commissural BST, given the difficulty of reliably discriminating the sub-

commissural BST border in standard anatomical images (Kruger et al., 2015; Walter et al., 1991). Bilateral

ROIs were decimated to the 2-mm resolution of the fMRI data. ROI analyses used standardized regression

coefficients extracted and averaged for each combination of task contrast (e.g., Uncertain-Threat
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anticipation vs. Uncertain-Safety anticipation), region, and participant. Anatomical ROIs enable statistically
unbiased tests of regional sensitivity to specific experimental manipulations (i.e,, Region x Condition

effects), including potential single and double dissociations (e.g., BST: Uncertain > Certain Threat; Ce:

Uncertain < Certain Threat) (Fox et al., 2018; Poldrack et al., 2017).

Analytic Strategy

Overview. Except where noted otherwise, analyses were performed using SPM12 (version 7771) and SPSS

(version 27.0.1.0) (Wellcome Centre for Human Neuroimaging, 2022). Diagnostic procedures and data

visualizations were used to confirm that test assumptions were satisfied (Tukey, 1977). Standardized

frequentist (Cohen’s d) effect sizes were interpreted using established benchmarks (Cohen, 1988; Cohen,

1994; Schimmack, 2019), ranging from large (d=0.80), to medium (d=0.50), to small (d=0.20), to nil

(d<0.10). Some figures were created using created using ggplot2 (version 3.3.6) (Wickham, 2016) and

MRIcron (Rorden, 2019). Clusters and local maxima were labeled using the Harvard-Oxford atlas (Desikan

et al., 2006; Frazier et al., 2005; Makris et al., 2006), supplemented by other resources (ten Donkelaar et

al., 2018).

JASP (version 0.16.4.0) was used to compute Bayesian effect sizes for select analyses (Love et al., 2019; van

Doorn et al., 2021). Here, Bayes Factor (BF10) quantifies the relative performance of the null hypothesis

(Ho; e.g., the absence of a credible mean difference) and the alternative hypothesis (Hi; e.g., the presence of
a credible mean difference), on a 0 to oo scale. A key advantage of BF is that it can be used to quantify the

relative strength of the evidence for Ho (test the null), unlike conventional frequentist null-hypothesis

significance tests (Bo et al., 2024; Wagenmakers et al.,, 2018). It also does not require the data analyst to
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arbitrarily decide what constitutes a ‘statistically indistinguishable’ difference, in contrast to traditional

equivalence tests (Hur et al., 2020). The Bayesian approach provides readily interpretable, principled

effect-size benchmarks (van Doorn et al., 2021). Values >1 were interpreted as evidence of mean

differences in activation across conditions, ranging from strong (BF10>10), to moderate (BF10=3-10), to
weak (BF10=1-3). Values <1 were interpreted as evidence of statistical equivalence (i.e., support for the null
hypothesis), ranging from strong (BF10<0.10), to moderate (BF10=0.10-0.33), to weak (BF10=0.33-1). The
reciprocal of BF1o represents the relative likelihood of the null hypothesis (e.g., BF10=0.10, Ho is 10 times

more likely than Hi). Bayesian effects were computed using a noninformative zero-centered Cauchy

distribution (w=1/v2), the default setting in JASP and the field standard for two-sided tests (Gronau et al.

2020; Schmalz et al., 2023; Schonbrodt et al., 2017; van Doorn et al., 2021; Wagenmakers et al., 2018).

Across tests, the estimated error of the MCMC-derived (Markov Chain Monte Carlo) BF1o estimates was

negligible (<0.30%) and stable across a range of priors.

Ratings and Psychophysiology. We used repeated-measures general linear models (GLMs) to confirm that
the threat-anticipation paradigm amplified subjective symptoms of distress (in-scanner fear/anxiety
ratings) and objective signs of arousal (SCL). Interactions were probed using focal contrasts. Sensitivity
analyses confirmed that none of the conclusions materially changed when controlling for potential
nuisance variation in mean-centered study, age, and assigned sex (for additional details, see the study OSF

collection).

Whole-Brain Voxelwise Tests. Spatially smoothed (4-mm) data and whole-brain voxelwise (‘second-
level’) repeated-measures GLMs (‘random effects’) were used to compare each threat-anticipation

condition to its corresponding control condition (e.g., Uncertain-Threat vs. Uncertain-Safety anticipation),
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while accounting for potential nuisance variation in mean-centered dummy-coded study (Grogans et al.,

2024; Kim et al., 2023), age, and assigned sex. Significance was assessed using p<0.05 (whole-brain

familywise error [FWE] corrected). A minimum-conjunction test (logical ‘AND’) was used to identify the

subset of voxels significantly sensitive to both Certain- and Uncertain-Threat anticipation (Nichols et al.

2005). We also directly examined potential differences in anticipatory activity between the two threat
conditions (Certain Threat vs. Uncertain Threat). We did not examine hemodynamic responses to

reinforcer presentation given the possibility of artifact.

Anatomical ROIs. As a precursor to hypothesis testing, a series of one-sample Student’s t-tests was used
to confirm that the EA (BST/Ce) ROIs—which leveraged spatially unsmoothed data—showed nominally
significant recruitment during Certain and Uncertain Threat anticipation relative to their respective
control conditions (p<0.05, uncorrected). For hypothesis testing, we used a standard 2 (Region: Ce, BST) x
2 (Threat-Certainty: Certain, Uncertain) repeated-measures GLM to test potential regional differences in
activation during the anticipation of temporally Certain Threat (relative to Certain Safety) versus Uncertain
Threat (relative to Uncertain Safety). These analyses leveraged spatially unsmoothed data to maximize
anatomical resolution and inferential clarity. Interactions were probed using focal contrasts. Sensitivity
analyses confirmed that none of the conclusions materially changed when controlling for potential
nuisance variation in mean-centered study, age, and assigned sex (for additional details, see the study OSF
collection). A sign test (Zsign) was used to nonparametrically test the proportion of participants showing

double dissociations.

Continued...
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@ 47.8% of participants show Certain > Uncertain Threat

show statistically indistinguishable
responses to threat. (A) BST. The raincloud
plot depicts BST reactivity to Certain and
Uncertain Threat. Ring plot indicates the
percentage of participants showing greater
BST activation during Certain versus Uncertain
threat anticipation. (B) Ce. The raincloud plot
depicts BST reactivity to Certain and Uncertain
Threat. Ring plot indicates the percentage of
participants showing greater Ce activation
during Certain versus threat
anticipation. Raincloud plots depict the median
(horizontal lines), interquartile range (boxes),
individual participants (dots), and smoothed
data distributions (half violins) for each
contrast. Whiskers 1.5x  the
interquartile range. Gray lines depict the sign
and magnitude of intra-individual mean
differences. Abbreviations—BF, Bayes Factor;
BST, bed nucleus of the stria terminalis; Ce,
central nucleus of the amygdala; d, Cohen’s d.
(C) Testing regional differences. The
raincloud plot depicts the Region x Condition
interaction as a 1-df contrast (‘difference of
differences’). Ring plot indicates the
percentage of participants showing the RDoC-
hypothesized dissociation of regional reactivity
to threat (BST: Certain < Uncertain Threat; Ce:
Certain > Uncertain Threat).

Uncertain

indicate

Standardized Contrast Coefficients

4

3

t(294) = 0.59, p = 0.56, d = 0.03 ("Nil’ effect)
BF,,=0.11 ("Moderate’ evidence for the null)

e

Uncertain Threat
vs. Uncertain Safety

Certain Threat
vs. Certain Safety

B. Ce, testing differential sensitivity
@ 47.8% of participants show Certain > Uncertain Threat

Standardized Contrast Coefficients

t(294) = 1.38, p=0.17, d = 0.02 ("Nil’ effect)
BF = 0.03 ('Strong’evidence for the null)

Uncertain Threat
vs. Uncertain Safety

Certain Threat
vs. Certain Safety

C. Testing regional differences

Standardized Contrast Coefficients

49.5% of participants show the hypothesized dissociation
t(294)=0.12, p= 0.73, d = 0.02 ("Nil’ effect)
BF = 0.07 ('Strong’evidence for the null)

BST Ce
Certain Threat-Safety Certain Threat-Safety
vs. vs.

Uncertain Threat-Safety Uncertain Threat-Safety
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SUPPLEMENTARY TABLES

Supplementary Table S1. Descriptive statistics for clusters and local extrema showing greater activation
during the anticipation of Uncertain Threat relative to Uncertain Safety (FWE p<0.05, whole-brain
corrected, 4-mm smoothing kernel).

mm3 t X y Z
Cluster 1 516,112

L Frontal Operculum Cortex 21.66 | -40 | 14 2
L Insular Cortex 20.23 | -32 | 24 6
L Cingulate Gyrus, anterior division 19.08 | -6 10 40
L Paracingulate Gyrus 1897 | -8 12 38
L Temporal Occipital Fusiform Cortex 18.48 | -28 | -60 | -18
L Brain Stem 16.62 | -2 -28 -2
L Left Putamen 16.13 | -22 8 -4
L Central Opercular Cortex 15.88 | -52 4 2
L Supramarginal Gyrus, anterior division 1538 | -64 | -32 | 22
L Superior Frontal Gyrus 1532 | -14 2 70
L Cingulate Gyrus, posterior division 15.25 | -10 | -22 | 40
L Supramarginal Gyrus, posterior division 15.12 | -58 | -50 | 34
L Precentral Gyrus 15.11 | -40 -4 48
L Middle Frontal Gyrus 14.70 | -40 -2 58
L Thalamus 14.55 | -10 -6 14
L Juxtapositional Lobule Cortex 14.53 | -8 2 52
L Caudate 14.39 | -10 0 10
L Parietal Operculum Cortex 1256 | -62 | -26 | 18
L Superior Parietal Lobule 11.84 | -20 | -50 | 64
L Precuneus Cortex 11.64 | -10 | -48 | 52
L Postcentral Gyrus 11.22 | -58 | -22 | 24
L Inferior Frontal Gyrus, pars opercularis 11.12 | -58 | 10 18
L Middle Temporal Gyrus, temporooccipital part 10.57 | -46 | -60 | 10
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L Lateral Occipital Cortex, inferior division 10.04 | -54 | -66 10
L Lingual Gyrus 994 | -12 | -86 | -12
L Occipital Pole 9.26 | -20 | -96 | 12
L Lateral Occipital Cortex, superior division 9.03 | -32 | -60 | 58
L Angular Gyrus 897 | -48 | -54 | 52
L Pallidum 760 | -26 | -14 | -2

L Planum Polare 7.35 | -42 -2 -14
L Temporal Fusiform Cortex, posterior division 6.50 | -44 | -40 | -22
L Temporal Pole 587 | -46 | 18 | -22
R Paracingulate Gyrus 2098 | 8 20 36
R Frontal Orbital Cortex 20.70 | 34 28 2

R Frontal Operculum Cortex 19.68 | 36 22 8

R Central Opercular Cortex 18.92 | 48 6 0

R Juxtapositional Lobule Cortex 1884 | 6 6 48
R Putamen 18.23 | 22 6 -6

R Cingulate Gyrus, anterior division 18.09 | 10 6 42
R Precentral Gyrus 18.04 | 44 -2 48
R Supramarginal Gyrus, posterior division 1755 | 62 | -42 | 22
R Brain Stem 1744 | 4 -30 -2

R Superior Frontal Gyrus 17.16 | 2 10 56
R Caudate 17.06 | 12 -2 14
R Inferior Frontal Gyrus, pars triangularis 16.12 | 56 22 0

R Cingulate Gyrus, posterior division 1585 | 10 | -22 | 42
R Parietal Operculum Cortex 15.71| 56 | -28 | 26
R Frontal Pole 15.62 | 32 48 28
R Middle Frontal Gyrus 1495 | 50 8 42
R Temporal Occipital Fusiform Cortex 1492 | 32 | -54 | -20
R Superior Parietal Lobule 1440 | 24 | -46 | 66
R Middle Temporal Gyrus, posterior division 13.51| 50 | -24 | -6
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R Angular Gyrus 12.85| 58 | -50 | 42
R Thalamus 12.81 6 -20 -2
R Postcentral Gyrus 12.03 | 32 -38 62
R Inferior Frontal Gyrus, pars opercularis 11.81 | 40 16 26
R Precuneus Cortex 11.27 | 8 -54 | 56
R Middle Temporal Gyrus, temporooccipital part 11.23 | 54 | -60 6
R Occipital Pole 1113 | 22 | -96 | 16
R Lingual Gyrus 9.26 | 10 | -80 -6
R Planum Polare 9.15 | 42 -4 -12
R Amygdala 9.14 | 28 | -10 | -12
R Occipital Fusiform Gyrus 891 | 22 | -80 | -12
R Lateral Occipital Cortex, inferior division 8.83 42 -78 | -10
R Lateral Occipital Cortex, superior division 8.58 16 | -80 | 40
R Insular Cortex 833 | 40 | -16 | -2
R Pallidum 7.30 | 14 -4 -4
R Inferior Temporal Gyrus, temporooccipital part 725 | 48 | -54 | -14
R Heschls Gyrus (includes H1 and H2) 6.53 | 44 | -12 4
Cluster 2 15,144
L Frontal Pole 16.21 | -28 | 48 26
L Middle Frontal Gyrus 14.75 | -34 | 36 40
Cluster 3 1,672
R Temporal Pole 6.08 | 46 12 | -42
Cluster 4 688
L Middle Temporal Gyrus, posterior division 6.27 | -60 | -28 | -2
Cluster 5 376
R Frontal Pole 749 | 26 50 | -14
Cluster 6 320
L Temporal Pole 6.89 | -40 6 -38
Cluster 7 272
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L Middle Temporal Gyrus, anterior division 6.50 | -50 -2 -30
Cluster 8 216

R Occipital Pole 6.74 6 -96 -8
Cluster 9 176

R Temporal Pole 6.72 | 52 8 -20
Cluster 10 144

R Parahippocampal Gyrus, anterior division 6.19 24 -8 -32
Cluster 11 104

L Amygdala 7.67 | -26 | -12 | -12
Cluster 12 80

L Frontal Pole 638 | -30 | 54 | -14
Cluster 13 64

L Parahippocampal Gyrus, anterior division 5.89 | -24 -6 -32
Cluster 14 24

L Temporal Fusiform Cortex, anterior division 5.22 -36 -2 -42
Cluster 15 24

L Frontal Pole 567 | -26 | 46 | -14
Cluster 16 24

R Frontal Pole 5.55 30 66 0
Cluster 17 16

L Parahippocampal Gyrus, anterior division 558 | -24 | -10 | -38
Cluster 18 16

R Amygdala 553 | 18 | -14 | -12
Cluster 19 8

L Temporal Pole 5.24 | -20 2 -40
Cluster 20 8

R Brain Stem 5.70 8 -24 | -34
Cluster 21 8

R Hippocampus 544 | 12 | -12 | -20
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Cluster 22

L Frontal Pole 514 | -24 | 50 | -14
Cluster 23

R Frontal Pole 5.13 22 62 -8
Cluster 24

R Hippocampus 5.15 34 | -28 -6
Cluster 25

L Frontal Pole 534 | -26 | 66 -4
Cluster 26

L Hippocampus 520 | -20 | -38 -2
Cluster 27

R Frontal Pole 5.36 14 64 26
Cluster 28

R Postcentral Gyrus 542 | 22 | -30 | 62

24

Note: Suprathreshold activation was also evident in the bilateral periaqueductal gray, bilateral bed nucleus

of the stria terminalis, and bilateral dorsal amygdala.
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Supplementary Table S2. Descriptive statistics for clusters and local extrema showing greater activation
during the anticipation of Uncertain Safety relative to Uncertain Threat (FWE p<0.05, whole-brain
corrected, 4-mm smoothing kernel).

mm3 t X y y/
Cluster 1 30,088
L Intracalcarine Cortex 19.11 | -14 | -80 6
L Cingulate Gyrus, posterior division 10.74 | -4 | -50 | 14
L Lingual Gyrus 10.55 | -10 | -60 4
L Precuneus Cortex 10.40 | -10 | -62 18
R Intracalcarine Cortex 1887 | 14 | -78 | 10
R Precuneus Cortex 14.57 | 2 -68 | 22
R Supracalcarine Cortex 13.91 2 -66 18
R Cingulate Gyrus, posterior division 10.39 | 10 | -50 4
Cluster 2 5,000
L Postcentral Gyrus 1141 | -52 | -10 | 26
Cluster 3 3,640
L Precentral Gyrus 8.43 -6 | -24 | 60
L Postcentral Gyrus 6.85 | -10 | -40 | 70
R Precentral Gyrus 1041 | 2 -32 | 66
Cluster 4 3,112
R Precentral Gyrus 11.07 | 54 -6 26
R Postcentral Gyrus 9.93 | 64 -6 34
Cluster 5 2,600
L Frontal Medial Cortex 5.73 -6 54 | -12
R Frontal Pole 9.58 0 64 | -10
R Frontal Medial Cortex 8.36 2 52 | -12
R Subcallosal Cortex 5.49 4 28 | -18
Cluster 6 1,568
L Lateral Occipital Cortex, superior division 7.85 | -38 | -84 38
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Cluster 7 1,328

R Lateral Occipital Cortex, superior division 761 | 50 | -72 | 36
Cluster 8 1,016

L Insular Cortex 10.02 | -38 | -12 14

L Central Opercular Cortex 788 | -44 | -12 | 18
Cluster 9 872

R Insular Cortex 10.33 | 38 -8 12

R Central Opercular Cortex 7.57 | 46 | -10 | 16
Cluster 10 576

R Parahippocampal Gyrus, posterior division 7.93 28 | -32 | -18

R Lingual Gyrus 6.21 | 26 | -40 | -10
Cluster 11 568

L Parahippocampal Gyrus, posterior division 743 | -28 | -38 | -14

L Temporal Fusiform Cortex, posterior division 6.31 | -32 | -32 | -18
Cluster 12 328

R Precentral Gyrus 6.19 14 | -28 | 66
Cluster 13 248

R Hippocampus 7.49 22 | -18 | -20

R Amygdala 5.51 18 -8 -18
Cluster 14 184

L Hippocampus 783 | -18 | -16 | -22
Cluster 15 112

R Postcentral Gyrus 693 | 12 | -40 | 70
Cluster 16 88

L Cingulate Gyrus, posterior division 5.62 -6 -38 | 34
Cluster 17 88

L Precentral Gyrus 6.61 | -12 | -28 | 72
Cluster 18 80

R Frontal Pole 591 | 38 36 | -12
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Cluster 19 56

L Middle Temporal Gyrus, anterior division 594 | -64 | -4 -18
Cluster 20 56

R Superior Frontal Gyrus 5.32 20 30 46
Cluster 21 24

L Hippocampus 548 | -22 | -20 | -16
Cluster 22 24

L Frontal Orbital Cortex 559 | -34 | 36 | -10
Cluster 23 24

R Lingual Gyrus 538 | 18 | -46 -8
Cluster 24 24

R Subcallosal Cortex 5.79 2 14 -6
Cluster 25 16

R Middle Temporal Gyrus, anterior division 555 | 64 0 -20
Cluster 26 16

L Precentral Gyrus 518 | -12 | -26 | 78
Cluster 27 8

R Subcallosal Cortex 5.21 2 22 | -24
Cluster 28 8

R Subcallosal Cortex 5.19 0 26 | -24
Cluster 29 8

L Amygdala 532 | -30 2 -18
Cluster 30 8

L Hippocampus 538 | -28 | -18 | -16
Cluster 31 8

L Frontal Orbital Cortex 511 | 40 | 36 | -14
Cluster 32 8

L Frontal Medial Cortex 5.11 -6 48 | -14
Cluster 33 8

27
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L Frontal Medial Cortex 5.19 -8 52 | -10
Cluster 34 8
R Hippocampus 5.72 24 | -26 -8
Cluster 35 8
R Cuneal Cortex 5.12 0 -86 | 34
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Supplementary Table S3. Descriptive statistics for clusters and local extrema showing greater activation
during the anticipation of Certain Threat relative to Certain Safety (FWE p<0.05, whole-brain corrected).

mm3 t X y y/
Cluster 1 448,752

L Superior Frontal Gyrus 15.05 | -14 -2 68
L Frontal Operculum Cortex 1425 | -34 | 16 10
L Putamen 13.61 | -22 14 -6
L Cingulate Gyrus, anterior division 13.34 | -8 18 34
L Juxtapositional Lobule Cortex 13.24 | -4 4 56
L Thalamus 13.19 | -10 -6 14
L Bed Nucleus of the Stria Terminalis 1297 | -6 4 0
L Supramarginal Gyrus, posterior division 1280 | -58 | -50 | 40
L Paracingulate Gyrus 12.72 | -8 22 32
L Lateral Occipital Cortex, superior division 12,56 | -36 | -58 | 58
L Middle Frontal Gyrus 1205 | -34 | -4 64
L Insular Cortex 11.78 | -32 | 26 4
L Superior Parietal Lobule 11.68 | -34 | -58 | 52
L Occipital Fusiform Gyrus 11.61 | -30 | -72 | -20
L Brain Stem 1152 | -2 -28 -4
L Frontal Pole 11.51 | -30 | 52 28
L Lingual Gyrus 11.30 | -4 | -74 | -12
L Central Opercular Cortex 11.20 | -44 4 2
L Caudate 10.65 | -14 | 18 -4
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L Precentral Gyrus 10.62 | -40 -2 46
L Frontal Orbital Cortex 10.50 | -32 | 26 -6

L Inferior Frontal Gyrus, pars triangularis 10.16 | -44 | 22 8

L Angular Gyrus 9.90 | -50 | -56 | 48
L Parietal Operculum Cortex 9.77 | -60 | -38 | 24
L Precuneus Cortex 9.49 | -10 | -78 | 36
L Cingulate Gyrus, posterior division 9.31 -2 -26 | 28
L Supramarginal Gyrus, anterior division 834 | -60 | -38 | 46
L Postcentral Gyrus 830 | -20 | -32 | 76
L Accumbens 7.92 -8 12 -6

L Inferior Frontal Gyrus, pars opercularis 7.69 | -54 | 10 16
L Middle Temporal Gyrus, temporooccipital part 7.01 | -62 | -56 6

L Lateral Occipital Cortex, inferior division 6.25 -56 | -64 10
L Temporal Pole 6.12 | -50 | 18 | -18
L Hippocampus 564 | -30 | -12 | -16
L Periaqueductal Gray 5.52 -2 -34 | -12
L Superior Temporal Gyrus, posterior division 530 | -66 | -38 6

R Putamen 1593 | 22 10 -8

R Superior Frontal Gyrus 15.64 | 20 -8 70
R Paracingulate Gyrus 15.16 | 8 20 36
R Caudate 1492 | 12 -4 16
R Precentral Gyrus 14.52 | 46 0 50
R Juxtapositional Lobule Cortex 14.08 | 2 6 48
R Bed Nucleus of the Stria Terminalis 13.93 8 4 2

R Postcentral Gyrus 1384 | 34 | -36 | 62
R Thalamus 1341 | 10 -2 12
R Frontal Pole 13.02 | 30 44 24
R Superior Parietal Lobule 1293 | 24 | -44 | 66
R Frontal Operculum Cortex 1255 | 34 24 8
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R Supramarginal Gyrus, posterior division 1254 | 62 | -38 | 32
R Middle Frontal Gyrus 12.45| 38 -2 50
R Angular Gyrus 1229 | 62 | -46 | 30
R Central Opercular Cortex 11.69 | 52 6 2

R Lateral Occipital Cortex, superior division 1146 | 28 | -58 | 62
R Brain Stem 10.80 4 -28 -2

R Superior Temporal Gyrus, posterior division 10.67 | 48 | -26 -4
R Cingulate Gyrus, anterior division 10.16 | O 10 34
R Precuneus Cortex 10.01 8 -56 | 56
R Frontal Orbital Cortex 9.63 40 20 -8

R Cingulate Gyrus, posterior division 9.54 | 10 | -24 | 42
R Accumbens 9.49 10 12 -4
R Parietal Operculum Cortex 9.06 56 | -28 | 26
R Inferior Frontal Gyrus, pars triangularis 8.66 | 54 28 -6
R Supramarginal Gyrus, anterior division 836 | 60 | -24 | 28
R Middle Temporal Gyrus, posterior division 8.32 54 | -22 | -10
R Amygdala 832 | 30 | -10 | -14
R Inferior Frontal Gyrus, pars opercularis 7.95 | 46 12 28
R Lateral Occipital Cortex, inferior division 7.74 42 -84 -8

R Middle Temporal Gyrus, temporooccipital part 7.32 | 60 | -60 6

R Insular Cortex 6.99 | 40 10 -8

R Planum Polare 6.26 | 42 -4 -14
R Occipital Pole 588 | 26 | -94 | 18
R Pallidum 5.47 16 -4 -4

R Periaqueductal Gray 5.40 2 -36 | -12
R Temporal Occipital Fusiform Cortex 530 | 44 | -54 | -16

Cluster 2 792

L Brain Stem 6.73 -8 -38 | -46
R Brain Stem 8.04 2 -34 | -48

30



Didier...& Shackman, Mega-analysis

Cluster 3 776

L Lateral Occipital Cortex, inferior division 7.00 | -40 | -82 -6

L Occipital Pole 550 | -36 | -92 -8
Cluster 4

Middle Temporal Gyrus, posterior division 695 | -66 | -24 | -6

Superior Temporal Gyrus, posterior division 6.71 | -60 | -26 -2
Cluster 5 224

R Temporal Pole 6.31 | 42 6 -38

R Middle Temporal Gyrus, anterior division 6.29 | 48 0 -32
Cluster 6 224

L Frontal Pole 6.05 | -32 | 48 | -14
Cluster 7 168

L Occipital Pole 582 | -22 | -96 | 12
Cluster 8 168

R Precentral Gyrus 6.85 6 -30 | 76
Cluster 9 152

R Frontal Pole 6.34 | 40 46 6
Cluster 10 96

L Hippocampus 6.17 | -22 | -36 -4
Cluster 11

L Planum Polare 6.74 | -42 -4 -14

L Insular Cortex 6.58 | -40 -2 -16
Cluster 12 88

R Frontal Pole 6.05 26 48 | -14
Cluster 13 80

R Brain Stem 597 | 18 | -34 | -28
Cluster 14 72

L Lateral Occipital Cortex, inferior division 5.73 -48 | -64 4
Cluster 15 72
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L Middle Temporal Gyrus, temporooccipital part 6.13 | -46 | -58 | 10
Cluster 16 64
L Brain Stem 6.46 -6 -46 | -56
Cluster 17 64
R Brain Stem 5.58 0 -36 | -38
Cluster 18 64
L Brain Stem 6.95 -4 -34 | -24
Cluster 19 48
L Brain Stem 6.79 | -12 | -24 | -20
Cluster 20 48
L Lateral Occipital Cortex, inferior division 554 | -50 | -74 | -10
Cluster 21 40
L Brain Stem 5.71 -8 -38 | -30
Cluster 22 40
L Brain Stem 5.71 -8 -20 | -22
Cluster 23 32
L Brain Stem 6.15 -4 | -18 | -20
Cluster 24 32
R Inferior Temporal Gyrus, temporooccipital part 586 | 60 | -58 | -18
Cluster 25 32
R Inferior Temporal Gyrus, temporooccipital part 5.50 60 | -58 | -12
Cluster 26 32
R Lateral Occipital Cortex, inferior division 5.44 44 -72 -4
Cluster 27 32
R Hippocampus 5.63 20 | -36 6
Cluster 28 32
R Central Opercular Cortex 532 | 48 | -18 | 14
Cluster 29 16
R Hippocampus 595 | 16 | -12 | -16
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Cluster 30 16

R Cingulate Gyrus, posterior division 5.44 4 -38 | 24
Cluster 31 16

L Middle Frontal Gyrus 524 | -50 | 22 30
Cluster 32 8

R Brain Stem 5.20 8 -36 | -28
Cluster 33 8

R Brain Stem 5.25 6 -34 | -26
Cluster 34 8

L Middle Temporal Gyrus, posterior division 517 | -54 | -30 -6
Cluster 35 8

L Pallidum 525 | -20 | -10 -4
Cluster 36 8

L Frontal Pole 526 | -50 | 42 0
Cluster 37 8

R Frontal Pole 598 | 30 68 2
Cluster 38 8

L Lateral Occipital Cortex, inferior division 5.43 -54 | -70 6
Cluster 39 8

L Lateral Occipital Cortex, inferior division 552 | -42 | -72 10
Cluster 40 8

R Lateral Occipital Cortex, inferior division 6.02 42 -68 10
Cluster 41 8

R Lateral Occipital Cortex, inferior division 5.24 42 -62 12
Cluster 42 8

R Parietal Operculum Cortex 520 | 46 | -22 | 16
Cluster 43 8

R Occipital Pole 5.22 18 | -98 | 18
Cluster 44 8
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L Angular Gyrus 535 | -58 | -60 | 18
Cluster 45 8
R Inferior Frontal Gyrus, pars triangularis 5.40 50 26 18
Cluster 46 8
R Lateral Occipital Cortex, superior division 526 | 26 | -84 | 36

Note: Suprathreshold activation was also evident in the bilateral dorsal amygdala.
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Supplementary Table S4. Descriptive statistics for clusters and local extrema showing greater activation
during the anticipation of Certain Safety relative to Certain Threat (FWE p<0.05, whole-brain corrected, 4-

mm smoothing kernel).

mm3 t X y zZ
Cluster 1 35,472
L Intracalcarine Cortex 19.18 | -10 | -76 | 10
L Lingual Gyrus 1042 | -20 | -44 | -10
L Precuneus Cortex 8.68 -6 -60 12
L Occipital Pole 846 | -10 | -98 | -4
L Parahippocampal Gyrus, posterior division 748 | -30 | -34 | -16
L Cingulate Gyrus, posterior division 6.42 -4 -48 | 14
R Intracalcarine Cortex 20.15 | 14 | -82 4
R Lingual Gyrus 1744 | 0 -74 6
R Occipital Pole 15.03 6 -90 6
R Precuneus Cortex 13.09 | O -68 | 18
R Parahippocampal Gyrus, posterior division 8.09 | 20 | -34 | -16
R Occipital Fusiform Gyrus 8.01 | 28 | -68 -6
R Cingulate Gyrus, posterior division 798 | 10 | -50 6
R Temporal Fusiform Cortex, posterior division 7.67 | 30 | -34 | -18
Cluster 2 288
L Postcentral Gyrus 6.49 | -62 -8 22
Cluster 3 272
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L Subcallosal Cortex 6.25 -2 16 -6

R Subcallosal Cortex 7.09 2 14 | -10
Cluster 4 168

R Frontal Medial Cortex 5.70 2 44 | -14
Cluster 5 160

L Lingual Gyrus 6.47 | -28 | -58 -6
Cluster 6 40

R Frontal Medial Cortex 5.48 0 50 | -14
Cluster 7 32

L Temporal Pole 5,58 | -42 12 | -18
Cluster 8 32

R Subcallosal Cortex 5.56 0 30 | -16
Cluster 9 32

R Precentral Gyrus 534 | 56 -6 24
Cluster 10 24

R Parahippocampal Gyrus, anterior division 594 | 20 | -20 | -22
Cluster 11 16

L Frontal Medial Cortex 5.54 -2 36 | -18
Cluster 12 16

R Right Hippocampus 6.65 | 24 | -26 | -8
Cluster 13 16

R Precentral Gyrus 539 | 60 -4 28
Cluster 14 8

L Middle Temporal Gyrus, anterior division 529 | -56 | -6 | -16
Cluster 15 8

L Frontal Medial Cortex 5.16 -8 42 | -14
Cluster 16 8

L Frontal Pole 5.15 -4 56 | -12
Cluster 17 8
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R Postcentral Gyrus

5.44

66

-6

22
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Supplementary Table S5. Descriptive statistics for clusters and local extrema showing greater activation
during the anticipation of Uncertain Threat relative to Certain Threat (FWE p<0.05, whole-brain

corrected).
mm3 t X y Z
Cluster 1 142,448

L Occipital Pole 13.58 | -12 | -94 -8
L Temporal Occipital Fusiform Cortex 11.63 | -24 | -54 | -16
L Occipital Fusiform Gyrus 1136 | -20 | -86 | -10
L Cingulate Gyrus, anterior division 9.84 -6 8 40
L Lateral Occipital Cortex, inferior division 930 | -32 | -86 | -18
L Superior Frontal Gyrus 8.75 | -14 | 10 66
L Paracingulate Gyrus 8.64 -6 28 30
L Temporal Fusiform Cortex, posterior division 582 | -42 | -40 | -24
R Occipital Fusiform Gyrus 1581 | 30 | -78 | -10
R Frontal Orbital Cortex 1580 | 34 28 2
R Frontal Operculum Cortex 15.11 | 42 24 4
R Occipital Pole 1400 | 26 | -94 | 12
R Precentral Gyrus 13.40 | 42 -2 52
R Lateral Occipital Cortex, inferior division 13.31| 44 | -80 | -10
R Central Opercular Cortex 12.41 | 56 4 4
R Temporal Occipital Fusiform Cortex 1237 | 36 | -46 | -18
R Middle Frontal Gyrus 12.06 | 42 0 60
R Inferior Frontal Gyrus, pars triangularis 12.02 | 54 22 2
R Parietal Operculum Cortex 12.00 | 54 | -28 | 26
R Juxtapositional Lobule Cortex 1196 | 4 4 46
R Supramarginal Gyrus, anterior division 11.81 | 60 -26 | 24
R Cingulate Gyrus, anterior division 11.78 | 8 6 42
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R Paracingulate Gyrus 11.62 2 18 38
R Superior Frontal Gyrus 10.58 | 4 20 58
R Inferior Frontal Gyrus, pars opercularis 1043 | 60 12 8
R Supramarginal Gyrus, posterior division 10.37 | 58 | -44 | 30
R Putamen 10.28 | 28 2 -6
R Cingulate Gyrus, posterior division 10.02 | 12 | -22 | 42
R Angular Gyrus 992 | 62 | -48 | 34
R Middle Temporal Gyrus, temporooccipital part 846 | 46 | -56 6
R Inferior Temporal Gyrus, temporooccipital part 6.80 | 46 | -42 | -16
R Planum Polare 6.49 | 40 | -18 -2
R Frontal Pole 6.14 | 54 38 -8
R Insular Cortex 5.73 38 | -14 4
R Pallidum 549 | 16 2 0
R Middle Temporal Gyrus, posterior division 536 | 56 | -34 0
Cluster 2 13,728
L Insular Cortex 16.18 | -32 | 24 6
L Frontal Operculum Cortex 14.44 | -44 | 20 -4
L Inferior Frontal Gyrus, pars opercularis 10.78 | -50 | 20 4
L Central Opercular Cortex 10.68 | -56 2 4
L Precentral Gyrus 8.83 | -56 8 2
Cluster 3 4,056
L Supramarginal Gyrus, posterior division 8.05 | -60 | -50 | 44
L Supramarginal Gyrus, anterior division 8.04 | -64 | -32 22
L Parietal Operculum Cortex 777 | -62 | -30 | 20
L Angular Gyrus 719 | -60 | -54 | 38
Cluster 4 2,272
R Superior Parietal Lobule 10.02 | 22 | -46 | 66
R Postcentral Gyrus 6.80 | 34 | -38 | 62
Cluster 5 1,280
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L Frontal Pole 7.03 | -38 | 46 30
Cluster 6 1,232

L Brain Stem 6.84 -2 -30 -2

R Brain Stem 9.53 4 -30 -2

R Thalamus 7.70 6 -22 -2
Cluster 7 1,032

R Thalamus 7.98 10 0 8

R Caudate 6.20 | 16 | -10 | 20
Cluster 8 776

R Frontal Pole 6.68 | 32 50 26
Cluster 9 744

L Putamen 8.43 | -26 6 -8

L Insular Cortex 6.78 | -36 -2 -6
Cluster 10 680

L Precentral Gyrus 7.07 | -36 -4 48

L Middle Frontal Gyrus 6.44 | -38 -2 56
Cluster 11 608

R Middle Temporal Gyrus, posterior division 7.23 | 52 | -22 -6
Cluster 12 552

L Cingulate Gyrus, posterior division 6.42 -2 -16 | 28

R Cingulate Gyrus, posterior division 7.41 4 -26 | 26
Cluster 13 216

L Brain Stem 7.06 -6 | -36 | -48
Cluster 14 200

L Superior Parietal Lobule 631 | -18 | -52 | 64
Cluster 15 176

L Cingulate Gyrus, posterior division 715 | -12 | -24 | 40
Cluster 16 104

L Brain Stem 6.27 -8 -28 | -18
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Cluster 17 104

L Inferior Temporal Gyrus, temporooccipital part 582 | -44 | -60 | -12
Cluster 18 72

L Thalamus 5.82 -6 -14 -2
Cluster 19 40

L Brain Stem 6.29 -6 -32 -8
Cluster 20 40

L Lateral Occipital Cortex, superior division 570 | -30 | -82 | 18
Cluster 21 24

L Brain Stem 5.77 -4 -36 | -30
Cluster 22 24

L Middle Frontal Gyrus 530 | -44 | 34 36
Cluster 23 16

R Heschls Gyrus (includes H1 and H2) 534 | 46 | -14 6
Cluster 24 16

L Inferior Frontal Gyrus, pars opercularis 519 | -56 | 12 18
Cluster 25 16

R Cingulate Gyrus, anterior division 5.37 8 38 18
Cluster 26 16

R Lateral Occipital Cortex, superior division 522 | 34 | -72 | 24
Cluster 27 8

L Temporal Pole 523 | -42 6 -42
Cluster 28 8

L Planum Polare 551 | -40 | -20 -4
Cluster 29 8

R Insular Cortex 520 | 36 | -22 6
Cluster 30 8

R Angular Gyrus 517 | 48 | -54 | 56
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Supplementary Table S6. Descriptive statistics for clusters and local extrema showing greater activation
during the anticipation of Certain Threat relative to Uncertain Threat (FWE p<0.05, whole-brain corrected,
4-mm smoothing kernel).

mm3 t X y y/
Cluster 1 35,560
L Precuneus Cortex 1199 | -12 | -62 18
L Lingual Gyrus 11.19 | -12 | -54 0
L Cingulate Gyrus, posterior division 8.89 -8 -44 4
L Hippocampus 7.12 | -20 | -38 2
L Thalamus 6.87 | -14 | -36 4
R Precuneus Cortex 1401 | 14 | -58 | 16
R Cingulate Gyrus, posterior division 11.01 | 10 | -48 4
R Cuneal Cortex 10.29 | 4 -72 | 28
R Lateral Occipital Cortex, superior division 10.12 | 48 | -72 | 34
R Hippocampus 8.10 18 | -36 4
Cluster 2 21,344
L Precentral Gyrus 1080 | -56 | -8 46
L Postcentral Gyrus 992 | -10 | -42 | 64
R Postcentral Gyrus 10.73 | 2 -34 | 66
R Precentral Gyrus 8.82 6 -22 | 66
Cluster 3 5,208
L Lateral Occipital Cortex, superior division 9.77 | -38 | -80 | 36
Cluster 4 4,400
R Postcentral Gyrus 934 | 66 | -10 | 30
R Precentral Gyrus 8.55 | 60 -6 42
Cluster 5 2,104
L Frontal Medial Cortex 6.63 -4 52 -8
R Frontal Pole 9.06 0 64 | -10
R Frontal Medial Cortex 7.28 2 50 | -12
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Cluster 6 1,904

R Hippocampus 1181 | 22 | -20 | -18
Cluster 7 1,448

L Hippocampus 10.29 | -22 | -20 | -16

L Amygdala 586 | -12 | -6 | -20
Cluster 8 1,168

L Central Opercular Cortex 9.57 | -38 | -12 18

L Insular Cortex 7.60 | -40 -8 6
Cluster 9 1,048

L Parahippocampal Gyrus, posterior division 798 | -24 | -38 | -16

L Temporal Fusiform Cortex, posterior division 786 | -34 | -34 | -18
Cluster 10 856

R Lingual Gyrus 944 | 26 | -38 | -12

R Parahippocampal Gyrus, posterior division 843 | 26 | -34 | -16

R Temporal Fusiform Cortex, posterior division 8.13 34 | -36 | -14
Cluster 11 656

R Superior Frontal Gyrus 7.01 | 22 30 44
Cluster 12 576

R Insular Cortex 9.14 | 38 -8 12

R Central Opercular Cortex 585 | 46 | -10 | 16
Cluster 13 536

R Middle Temporal Gyrus, anterior division 6.69 60 -4 -16
Cluster 14 376

R Subcallosal Cortex 8.48 2 12 -4
Cluster 15 272

R Lateral Occipital Cortex, superior division 6.03 | 20 | -66 | 50
Cluster 16 136

L Juxtapositional Lobule Cortex 7.66 -4 0 64
Cluster 17 120
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R Postcentral Gyrus 6.09 | 48 | -16 | 52
Cluster 18 112

L Middle Temporal Gyrus, temporooccipital part 6.07 | -60 | -62 -8

L Lateral Occipital Cortex, inferior division 5.57 | -58 | -68 -8
Cluster 19 96

L Superior Frontal Gyrus 567 | -22 | 26 46
Cluster 20 88

L Precuneus Cortex 5.52 -2 -60 | 64
Cluster 21 64

R Frontal Pole 6.26 0 62 6
Cluster 22 48

R Frontal Pole 5.50 10 70 12
Cluster 23 48

L Lateral Occipital Cortex, superior division 5.76 -8 -86 | 42
Cluster 24 40

L Lateral Occipital Cortex, superior division 542 | -16 | -84 | 48
Cluster 25 32

R Accumbens 6.01 | 12 14 -8
Cluster 26 32

R Caudate 6.12 6 10 -2
Cluster 27 32

R Precuneus Cortex 5.50 12 |-50 42
Cluster 28 24

L Middle Temporal Gyrus, anterior division 512 | -62 | -4 | -16
Cluster 29 24

L Frontal Pole 578 | -20 | 66 12
Cluster 30 24

L Planum Temporale 537 | -48 | -38 | 16
Cluster 31 24
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L Supramarginal Gyrus, posterior division 538 | -56 | -42 18
Cluster 32 24

L Frontal Pole 565 | -10 | 70 18
Cluster 33 24

L Superior Parietal Lobule 520 | -28 | -54 | 52
Cluster 34 16

R Frontal Medial Cortex 5.29 2 40 | -18
Cluster 35 16

L Lateral Occipital Cortex, superior division 5.17 -6 -72 | 58
Cluster 36 8

L Amygdala 531 | -30 2 -18
Cluster 37 8

R Frontal Pole 5.17 36 38 -8
Cluster 38 8

L Lateral Occipital Cortex, superior division 528 | -30 | -76 | 48
Cluster 39 8

R Lateral Occipital Cortex, superior division 5.37 20 -64 60
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